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ABSTRACT

The study on determinants of loan defaults in Microfinance Institutions in Tanzania was
carried in Dodoma Municipality in two selected branches namely PRIDE and FINCA.
Specifically, the study intended to: assess the default rate of the selected MFIs for the
period between 2004 and 2014; determine factors influencing the likelihood of loan
default and identify effects of loan defaults to borrowers and MFIs. The study used
cross-sectional design to gather information at the study area. Non-purposive (simple
random) sampling technique was applied to select 196 respondents. Purposively, Micro-
finance institutions and key informants were selected. Primary data were collected
directly from the respondents using structured interview and semi - structured interview
whereas secondary data were collected through a documentary review of sources
including published and unpublished materials. Data obtained were analyzed by
descriptive statistics and logistic regression using SPSS version 11.5. Logistic regression
model estimated the factors influencing the likelihood of borrowers to default. The
results of the Logistic regression model shows that age of borrowers and interest rate
charged by MFIs were significant at (P<0.05) and business type, business management
education and loan uses were found to be significant at (P<0.01). Majority of
respondents identified loss of collaterals and denial of future loan as major effects of
loan default. Loss of Interest incomes, reduction of operating profit through provision
for bad debts and reduction of lending capacity are effects reported by MFIs. Further,
this study recommends MFIs should involve borrowers in reviewing loan repayment
terms, effective monitoring of loans, credit training programs and where necessary the

use private debt collectors.

Vi



TABLE OF CONTENTS

CERTIFICATION ...ttt e e nneas [
DECLARATION AND COPYRIGHT ... I
ACKNOWLEDGEMENT ...ttt i
DEDICATION . ...ttt 0\
ABBREVIATIONS AND ACRONYMS ... .o %
ABST RACT ettt b ettt b e nneas Vi
TABLE OF CONTENTS ...ttt st vii
LIST OF TABLES ...t Xii
LIST OF FIGURES ... .. Xiii
CHAPTER ONE ...ttt bbb 1
INTRODUCTION. ...ttt st b et nees 1
1.1 Background infOrmation ............cccoooiiiiiieie e 1
1.2 Statement of the ProbIemM ...........coco oo 3
1.3 RESEArCN ODJECTIVES ... 4
1.3.1 GENEral ODJECTIVE ...t 4
1.3.2 SPECITIC ODJECLIVES ..ot 4
1.4 RESEAICN QUESTIONS ......eviiiieeie ettt ettt este et e ne e sreeneeenes 4
1.5 Significance OF the STUAY .........cooiiiiiiiiie e 5
1.6 SCOPE OF the STUAY ......eovieeiiii e 5
1.7 Organization Of the STUAY ........cccoiii i 5
CHAPTER TWO ..ottt 6
LITERATURE REVIEW ...ttt 6



2.0 AN OVEIVIBW ..ottt e e e et e et e e e e et e e ettt e e e e e e e e et e eeeeeeeaeerneeeees 6

2.1 Definition OF CONCEPLS ... ..cviiieeie ettt enes 6
2.1 1L0AN AEFAUIL ... 6
2.1.2 Microfinance and MICIOCIEAIT............couiiiieieiere e 7
2.2 Microfinance INSHtUtions IN TANZANTA .........coviirreiiiiieeee e 8
2.3 Microfinance lending MOdels ..........c.cov o 9
2.3.1 Individual 1ending MOdel ............cooiiiiiiie e 9
2.3.2 Joint Liability Group MOGEL........ccoiiiiiiiieieie e 10
2.4 Credit POLICY ....vviiieeie ettt e e et e e e s e e ae e nre s 10
2.5 Microfinance and deVelOPMENL..........ccvciiiiiii e 11
2.6 TheoretiCal FramMEWOIK ..o e 12
2.6.1 AQENCY thBOIY ...t 12
2.6.2 Agency theory and loan defaults.............ccooveiiiiiiicccccce e 12
2.7 EMPIrical HErature FEVIEW .........ccuiiieiieeiiieic ettt saa et re e ene s 14
2.7.1 Factors for occurrence of loan default ... 14
2.7.2 Statistical methods for estimating the likelihood of loan default................cccc.c...... 17
2.8 Conceptual fFraMEBWOIK .........cveiiiieiiece e eae s 19
CHAPTER THREE ... 22
RESEARCH METHODOLOGY ....ooiiiiiiiie ittt 22
3.0 AN OVEIVIBW ...ttt bbbttt bbbt bt 22
3.1 Description 0f the StUAY Area ..........cocveiieiiieiie e 22
3.2 RESEAICN UESIGN ...vviiiie ittt et e e et e e st e e te e sreeanaeearee s 24
3.3 SamPling tECANIGUES ......oviiiiiieieic e 24



3.4 Population and sampling UNit..........cccoiveiiiiiiieie e 24

T T: 401 0] [ - USSR 25
3.6 Data tYPES QNG SOUITES.......cuveuieeiteiteriesii ettt sttt 26
3.6, L PrIMANY At .......eiveieiiieeiieieie et 26
3.6.2 SECONAANY TALA ... .ecueeiveeiiciesie et e st te e e ae e nre s 27
3.7 Data collection methods and t0O0IS ............coeiiiiiiiineiree e, 27
3.7.1 SErUCTUIE INTEIVIEW ...ttt 27
3.7.3 DOCUMENTAIY TEVIBW ......iviiiieiete sttt sb ettt sttt 28
3.8 Validity and reliability of data...........ccceoiiiiiiiiicc e 28
3.9 Data analysisS MethOUS. .........ccuciieiiiieiece e 29
3.9.1 DESCIIPLIVE ANAIYSIS ....evieiieiieieite ittt 29
3.9.2 ANAIYSIS MOUEL. ..ottt 29
3.9.2.1 Logistic regression MO ............coveiiiiiiieie s 29
3.9.2.2 Estimation of the MOdEl ...........ccoiiiiiii e, 30
3.9.4 The estimation tECANIGUES. ..........oiiiiiiiiiieiee e 33
3.9.5 EMPIrical MO ........cooiiiiiee e 34
CHAPTER FOUR ... oottt 36
RESULTS AND DISCUSSION .....ooiiiiiiiiie e 36
4.0 AN OVEIVIBW ...ttt bbbttt bbbttt bbbt bt bt 36
4.1 Demographic characteristics of respondents (N=196)..........c.ccccerererereninienieniennnn, 36
4.1.1 Gender Of reSPONUENTES .....ccvvieiieiie et e s 36
4.1.2 Age OF reSPONUENTS .....ecviiiiiieiie et be et e s 37
4.1.3 LeVel OF BUUCALION........cciiiiiiieiee et 37



A.1.4 MANTTAL STATUS ...ttt bbb 38
4.1.5 Ownership of collaterals / @SSEtS........cciviiiiiieiiiiecee e 39

4.2 Assessment of the extent of loan default in selected MFIs for a period of 2004 to

L TP R UPT ST PPOURTPPROY 40
4.3 Factors influencing the likelihood of loan default in the selected MFIs.................... 44
4.3.1 General analysis of the estimated coefficients and odds ratio .............cccccevevvvennne. 45
4.3.2 Analysis of the significant factors...........cooviiiiiiii e, 46
4.3.2.1 Age OF the DOTTOWET ......cueiiiiiiiet e 46
4.3.2.2 Business management @AUCALION ...........ccevveieeiieiieeneee e 46
4.3.2.3 TYPE OF DUSINESS ..ottt 47
4.3.2.4 LLOAN USES ..ottt ettt ettt bbbttt n e 47
4.3.2.5 INTEIESE FALE ..ottt 48
4.3.3 Assessment of the Model fit..........coooiiiiiiii e 48
4.3.3.1 PSEUAO RZMEASUIES..........oovvereereersessessseiessesssssssssssssssessssssasssessssssesessessenssees 49
4.4.1 Loan default in group lending model...........cccoooiiiiiiiiiie e, 49
4.4.2 The effects of loan defaults within the group lending model ..............c.ccceennnnen. 50
4.4.2.11.0SS OF PIrOPEITIES.....ccveeieieieiie ettt sre e enes 50
4.4.2.1 Rejection of borrowers to the next loan opportunity ...........ccccceeveeveeieieevieenee, 51
CHAPTER FIVE ...ttt st 55
SUMMARY, CONCLUSIONS AND POLICY IMPLICATIONS .......ccccoiviiennn 55
5.0 AN OVEIVIBW ...ttt b bt 55
5.1 SUMMIAIY ettt e e r e e s st e e e st e e e be e e e sb e e e sseeeeseeeensneeantes 55
5.2 CONCIUSION ...ttt bbbt 58



5.3 POHCY IMPHCALIONS......eoiiieiiiiecieee e esae e nnees 59

5.4 Limitation 0f the STUAY ........ccoueiieice e 60
5.5 Areas for FUurther RESEAICH .........ocoiiiiiice e 60
REFERENGCES ... ..ottt nb et 61
APPENDIX II: INTERVIEW QUESTIONS FOR KEY INFRORMANTS............ 74

Xi



LIST OF TABLES

Table 3.1 Number of registered borrowers in selcted MFIs in 2014 ..........c.cccooovevivennnne. 25
Table 4.1: Socioeconomic characteristics of respondents ...........ccoceoeveieienininieeieen, 38
Table 4.2: Extent of loan defaults in selected MFIs for a period of 2004 to 2014 .......... 40
Table 4.3: Loan default rate according to demographic characteristics ............c.c.coee...e. 42
Table 4.4: Logistic Estimated Parameters ...........coccovvieiieiecie e 44
Table 4.5:Results of Hosmer and Lemeshow test.............ocveveiiiiiiiiiiiiiiiiine. 49
Table 4.6 MOdel SUMMAIY........ccooiiiiiiie e 49
Table 4.7 Presences of defaulters in lending groups.........cccccveveveevecicieese e 50
Table 4.8: Response of borrowers on Loss of Properties set as collateral....................... 51

xii



LIST OF FIGURES

Figure 2.1: Determinants of Loan defaults and its effectS..........cccvevviiiiicii i, 20
Figure 3.1: Map Tanzania Showing Dodoma region..........c.ccoervrreieneneneneseseeeeeeees 23
Figure 4.1: Trends of loan default in selected MFIs for a period of 2004 to 2014.......... 41

Figure 4.2: Response of borrowers on Denial for next Loan opportunity ............c.......... 51

Xiii



CHAPTER ONE
INTRODUCTION

1.1 Background information

Tanzania in response to economic crisis of 1980’s adopted macroeconomic stabilization
policies and structural reforms which led to the transformation of the economy from
socialist to the market oriented economic system. One among the strategies employed
was financial liberalization initiative of 1991 which resulted into the increase of
commercial banks. However, the access of credits from these commercial banks was
still limited to poor citizens (World Bank, 2001). This problem was also reported by
Randhawa and Gallardo (2003), that bank lending in Tanzania is extremely biased
against the poor because they do not possess valuable physical collaterals to pledge as
loan security. It is for this reason the Government of Tanzania (GoT) created an
environment that paved a way to the growth of Microfinance Institutions (MFIs)
throughout the country so as to complement the formal financial institutions (World
Bank, 2011).

MFIs activities are directed towards the provision of financial services for working
poor or small and micro-enterprises. These services comprise of micro loans, savings,
micro leasing, micro insurance and other forms of financial services (PRIDE Tanzania,
2005). However, among these services micro loans and mandatory savings are the

major services offered to the MFIs clients in Tanzania.

The long-term vision of these MFIs is to provide sustainable financial services to the
economically-active poor who are unable to access these services from the mainstream
of financial services (Nyamsogoro, 2010). In fulfilling this vision, Microfinance
institutions have managed to play an important role in micro-enterprise development in
Tanzania compared to commercial banks, particularly as instruments to reduce the
financial exclusion so as to achieve equity economic growth. Remarkably, MFIs have
become an economic development strategy that encourages income-generating
1



activities; assists entrepreneurs in stabilizing existing sources of income and enables
micro-enterprises to grow into small businesses. In the development of market-based,
microfinance institutions have provided SMEs with micro-loans and other financial
services on a sustainable basis with more flexible terms than those offered by
traditionally risk-averse banks. The linking access to finance with business
development assistance is an effective way to improve entrepreneurial behaviour and
builds business integrity (URT, 2000).

However, there are number of challenges facing these Microfinance Institutions which
are: inadequate donor funding, insufficient support from government, improper
regulations, limited management capacity and loan defaults (Dahir, 2015). Among
these challenges, loan default is the major problem that threatens the financial
operations of these MFIs (Cull et al, 2009, Aghion & Morduch 2005; Zeller &
Johannsen, 2006).

Recent default rate statistics in developing countries show that out of the 25 MFIs, 10
which represent 40% of MFIs are experiencing a default rate of (1 -3) % which is
consistent with internationally accepted rate of default. The rest of the surveyed MFls,
8 representing 32% have default rate of (3-6) %; 4 representing 16% experience default
rate of (6-10) % and 3 representing 12% have a default rate of more than 10%. In
Tanzania, current default rate as reported by Foundation for International Community
Assistance (FINCA) and Promotion of Rural Initiative and Development Enterprises
(PRIDE) is 3.4% and 3.8% respectively. This is an alarming rate because it is more
than the international acceptable default rate of 3% (Korankye, 2014). Thus, it is from
this basis the study was conducted to find out the determinant of loan default in the

study area.



1.2 Statement of the problem

Since loan default weakens the financial operations of MFIs, various efforts have been
put in place to reduce the problem. These efforts are articulated in credit collection
policies which are used to manage the accounts receivables and manage loan portfolio
of MFIs (Pandey, 1995). These policies put into operation various institutional
mechanisms to reduce the rate of loan default. These include lending methodologies,
screening mechanisms, pledging of collateral, third party credit guarantee, credit rating
and use of collection agencies (Sewagudde, 2000).

In line with this, the selected MFIs use various strategies to reduce the risks involved in
unsecured lending. These include; group lending, mandatory savings deposit to the
amount borrowed, rewards for on - time repayments in form of future access to higher
loan amounts, penalties for late payment such as fees and denial of higher loan amounts
(Mulema, 2011). In addition to this, repayment history of the continuing borrowers and
third party guarantor of new loan applicants are compulsory before the loan is granted.
However, traditional methods of deciding whether to grant loan to an individual
are based on human judgment and experience of previous decisions. These methods
are not objective but very subjective. Thus, to determinate the likelihood of a
borrower to default the lender must estimate borrower’s ability to pay back from his
current business characteristics and favorability of MFIs credit policies to borrowers.
Using a statistical approach in estimating the likelihood of default gives an objective
and straight forward approach.

Despite all the mentioned strategies, loan defaults are alarming in MFIs. In Tanzania,
the Foundation for International Community Assistance (FINCA) and Promotion of
Rural Initiative and Development Enterprises (PRIDE) reported to experience defaults
(Korankye, 2014).

General information shows that default risk is associated with economic and social
factors (Berharm, 2005; Agarwal, 2009; Marjo, 2010; Vasanthi and Rajab, 2006 Marjo,



2010; and Bichanga, 2013). However, there is limited information on how current
business and MFIs characteristics determine the likelihood of a borrower to default. It
is on this background this study was designed to find the determinant factors for loan

default in the selected Microfinance Institutions in Dodoma Municipality.

1.3 Research objectives

1.3.1 General objective

The overall objective of this research was to determine factors for loan defaults in

Microfinance Institutions in Tanzania.
1.3.2 Specific objectives
Specifically this study was set to achieve the following specific objectives;

i. To assess the level of loan default amongst the selected MFIs in Dodoma for a
period between 2004 - 2014.

ii. To determine factors influencing the likelihood of loan default among borrowers in
the selected MFIs in Dodoma.

iii. To identify the effects of loan defaults to the selected MFIs and borrowers.
1.4 Research questions

In order to achieve the objectives of this study, the research had to answer the following

questions:

i. To what extent loan default exist in the selected MFIs in Dodoma within a period
of 2004 to 2014?
ii. What are the factors influencing the likelihood of loan defaults in the selected
MFIs in Dodoma?
ili. What are the effects of loan defaults to the selected MFIs and borrowers in

Dodoma?



1.5 Significance of the study

The major purpose of this study is to provide knowledge and help future researchers
who want to research about loan default in MFIs. It helps MFIs and banks to have a
model that can effectively predict the likelihood of loan default. This also serves as a
tool necessary to assist the loan officers in making loan decisions, controlling and

monitoring loan portfolio risk and isolating loans that need additional attention.

1.6 Scope of the study

This study focused on the determinants of loan default for borrowers of FINCA and
PRIDE Tanzania Limited, looking at the level of default rate, factors influencing the
likelihood of loan default and its effects to the borrowers and MFIs. The study also
covered loan borrowers of these MFIs found in Dodoma Municipality within a period
of 2004 to 2014. Dodoma Municipality was selected due to availability of MFIs
particularly FINCA and PRIDE which experience loan defaults.

1.7 Organization of the study

This study is divided into five chapters. Chapter one presents introduction and
background for the study. It contains the statement of the problem, objectives of the
study, research questions, significance, scope and organization of the study. Chapter
two reviews the literature related to the study by defining key terms, theoretical review,
theories guiding the study, empirical literature and conceptual framework. Chapter
three presents the methodology for the study which includes description of study area,
research design, sampling unit and population, sampling technique, sample size, data
types and sources, data collection methods and tools, data validity and reliability and
Data analysis methods. Chapter four presents data analysis results and discussion of the
results. Finally, chapter five presents summary, conclusions and policy

recommendations drawn from the study.



CHAPTER TWO
LITERATURE REVIEW

2.0 An overview

This chapter presents the literature related to this study. It reviews both theoretical and
empirical literature. The chapter is divided into five sections. Section one presents
definition of the concepts. Section two reviews theoretical literature by providing
description on theories concerning loan default and conclude with theoretical
justification. Section three provides a brief overview of Tanzania Microfinance policy.
Section four reviews empirical literature and finally, section five presents the

conceptual framework for the study.
2.1 Definition of concepts

2.1.1Loan default

Loan default has many definitions depending on the MFIs policies. Pearson and Greeff
(2006) defined default as a risk threshold that describes the point in the borrower’s
repayment history where he or /she missed to repay at least 3 installments within a
month period. This represents a point in time and an indicator of behavior, wherein
there is a demonstrable increase in the risk that the borrower eventually will truly

default, by ceasing all repayments

In similar vein, Ameyaw, (2011) and Murray, (2001) defines Default as inability of a
borrower to pay the interest or principal on a debt when it is due. If a person or
institution responsible for repaying a loan or making an interest payment fails to meet
that obligation on time, that person or institution is in default. In default, an individual
may lose any property kept as collateral to get the loan. Defaulting has a negative
impact on credit history and credit score, which generally makes it difficult to borrow

again in the future



The study’s definition is consistent with Pearson and Greeff’ (2006) which states that,
default is a point in the borrower’s repayment history where he or /she has missed to

repay at least 3 installments within a month period.

2.1.2 Microfinance and microcredit

The definition of microfinance differs from one scholar to another. Their differences
based on type of financial services and loan provided to clients; and kind of people
received the service. For instance: Quayel and Hartarska, (2016) define Microfinance as
the provision of financial services including, savings, micro-credit, micro insurance,
micro leasing and transfers in relatively small transactions designed to be accessible to
micro-enterprises and to low-income households. These scholars thought that
Microfinance may be complemented by non-financial services such as trainings to

improve the ability of clients to utilize credit facilities effectively.

TAMFI (2014) defines microfinance as, activities directed to the provision of financial
services for working poor or small and micro-enterprises. The services comprise of
micro loans, savings, micro leasing, micro insurance and other forms of financial

services.

In similar vein, Fant (2010) define Microcredit as the provision of cash and in-kind
loans in smaller amounts to micro and small entrepreneurs meant to improve their

business operations.

Literature treats microcredit and microfinance interchangeably, but there is a difference
between them. Sinha (1998) describes microcredit as small loans where microfinance is
appropriate where MFIs offer the loans with other financial services. Therefore,
microcredit is a component of microfinance because it involves provision of credit
facilities to poor, but microfinance also involves additional non-credit financial services

such as savings, insurance, pensions and payments services (Okiocredit, 2005).



However, this study defines microfinance as the provision of financial services
specifically loans to poor people living in both urban and rural settings who are unable
to obtain such services from the formal financial sector i.e commercial banks.
Nevertheless micro-credits remain the most important financial services out of the
entire range of financial products in microfinance business. The average microfinance
loan size varies geographically and has maturities of less than one year in general. In
line to these definitions the following sub section describes the types of Microfinance

Institutions in Tanzania.

2.2 Microfinance Institutions in Tanzania

Microfinance Institutions in Tanzania are subdivided into Non — Governmental
Organizations (NGOs) Microfinance Institutions and Member — based Microfinance
Institutions (MB- MFIs) i.e SACCOs and Banking Institutions.

NGO-MFIs operate using group lending methodology in which group acts as social
collateral for loan repayment. This type of Microfinance also offers loans to few
individual clients through individual lending methodology where collateral is highly
needed. Some of these MFIs are: FINCA, PRIDE, VISION FUND, BRAC, and MEDA.
MB-MFlIs are of two types namely SACCOs and SACAs. The institutions offer loans to
the registered members only. In some few circumstances, loans are provided to non-
members whose financial information can be established and collateral is required. In
this type of MFIs, savings are compulsory before applying for loan which acts as loan

insurance fund.

However, Banking Institutions such as commercial banks are now offering microfinance
services. These banks are NMB, ACB, CRDB, TPB, KCB and other Community Banks.

The study concentrated to NGO-MFIs specifically FINCA and PRIDE as one which
provides a clear picture of the loan defaults than other types of MFIs and its lending

methodology that is individual and group lending as explained hereunder:



2.3 Microfinance lending models

Lending models refers to the methodologies used by MFIs to grant loans to the clients.
The most common lending methodologies or microfinance credit models as highlighted
in the above subsection are Individual and Group lending models. Compel

2.3.1 Individual lending model

Under this lending model, loan is given directly to the borrower and therefore it is the
sole duty of a borrower to make full payments of the principal amount plus interest
without financial support from a group in case he/she defaults. Technical assistance,
payment schedules and business management training is generally provided to the
borrowers by the MFI (Hazeltine and Bull, 2003).

There is a huge risk in granting loan to individual borrowers because in case these
individuals default to make repayment, institutions cannot compel other individuals to
make repayments for the defaulters. Lending involves a lender providing a loan in return
for a promise of interest and principal repayment in future (Kay, 2005). Due to this risk
of default in loan repayment, lenders need to assemble all the relevant information of

individual borrowers to make a proper screening of the credit worth borrowers.

Some of the factors that the MFIs consider before granting loans include: character of
the borrower, amount being requested by the client, purpose of the loan, ability of the

borrower to manage business successfully, income source of repayment and insurance.

Thus, this model is reported to be very cost-full and require large number of loan
officers who closely monitor individual borrowers through deep field research to select
credit worth borrowers, especially for borrowers who do not possess tangible

collateral(s) or credit history.



2.3.2 Joint Liability Group model

Joint Liability Group model is also called “peer lending groups” or “Solidarity groups”.
Normally it consists of four to five individuals grouped together to borrow a loan in
solidarity. Members who form these groups are self-selected based on their reputation
and relationship to each other. It is the responsibility of the entire group to make every
payment on time according to a predefined repayment schedule. This implies that, the

whole group suffers possible consequences in case of loan default.

However, the discussed models are not the only microfinance models. The other lending
models are modified and adapted according to the needs of the poor clients in different

developing countries and their credit policy.
2.4 Credit policy

Credit policies are set of objectives, standards and parameters to guide financial officers
who offer loans and control the loan portfolio. They provide set of procedures,
guidelines and rules which are designed to minimize costs associated with credit while
maximizing the benefit from it (Ahimbishwe, 2002). The main objective of credit
policy is to minimize the number of default loans which are bad debt, hence ensuring
profitability and sustainability of microfinance institutions.

The credit policy of an organization may be stringent or lenient depending on the
manager’s regulation of variables that come with credit policy, there are three main
variables (elements of credit policy) namely; Credit terms , credit standards and credit
procedures (Hulmes,1992). Managers use these variables to evaluate client’s credit
worthiness, repayment period and interest on loan, collection methods and procedures

to take in case of loan default

A stringent credit policy is a selective policy because only customers who have proven
creditworthiness and strong financial base are given loans. This credit policy aims to

minimize the cost of collection, bad debts and unnecessary legal costs (Pandey, 2001).

10



Unlikely Stringent credit policy, lenient credit policy offers loans to customers using
simple loan terms and conditions. This policy targets to increase profitability of
financial institution by providing more loans to the customers (Kakuru1998 and Pandey
2001). Therefore financial institutions are encouraged to formulate credit policy which
balances between stringent and lenient terms and conditions in order to improve the

performance of loan portfolio.

2.5 Microfinance and development

Microfinance covers the provision of financial services through a range of products and
services that target low income clients. It includes loans, savings, insurance, transfer
services and other financial products and services. Microfinance is one of the
financial tool that facilitates the development of the low income earners by creating an
access to productive resources (funds) leading to the improvement of their productive

activities.

Studies have shown that micro-finance plays three roles in development through
helping the poor households to meet basic needs and protects against risks, improving
in household economic welfare and to empower women by supporting women's
economic participation and so promotes gender equity. The literature suggests that
micro- finance creates access to productive capital for the poor, which together with
human capital, addressed through education and training, and social capital, achieved
through local organization building, enables people to move out of poverty. By
providing material capital to poor persons, their sense of dignity is strengthened
and this can help to empower the person to participate in the economy and society
(Otero, 1999). The aim of micro-finance according to Otero (1999) is not just about
providing capital to the poor to combat poverty on an individual level, it also has a role
at an institutional level. It seeks to create institutions that deliver financial services to

the poor, who are continuously ignored by the formal banking sector.
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Littlefield and Rosenberg (2004) argue that the poor are generally excluded from the
financial services sector of the economy so MFIs have emerged to address this market
failure. By addressing this gap in the market in a financially sustainable manner, an
MFI can become part of the formal financial system of a country and so can access
capital markets to fund their lending portfolios, allowing them to increase the number

of poor people they can reach (Otero, 1999).

2.6 Theoretical framework

2.6.1 Agency theory

Agency theory studies refers to how economic actors can and do construct contractual
arrangements, generally in the presence of asymmetric information. A standard practice
of the agency theory is to represent the behaviour of a decision maker under different
circumstances and to identify optimal decisions. The strength of this theory lies in
finding theoretical ways to motivate agents to take appropriate actions, even under an

insurance contract.

Such a procedure has been used in the agency theory framework to several typical
situations, labeled moral hazard and adverse selection. In moral hazard models, the
information asymmetry is the principal’s inability to observe and/or verify the agent's
action. In adverse selection models, the principal is not informed about a certain
characteristic of the agent. Adverse selection refers to a market process in which
undesired results occur when buyers and sellers have asymmetric information (access to

different information); the "bad" customers are more likely to apply for the service.

2.6.2 Agency theory and loan defaults

This study recognizes the relationship between Agency theory and likelihood of
borrowers to default their loan obligations. Information asymmetry between the
Microfinance Institutions and their borrowers leads to some borrowers to acquire loan

even when the probability of repayment is low. Moral hazard is the principal's inability
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to observe and/or verify the agent's action. Adverse selection arises when borrowers
have characteristics that are unobservable to the lender but affect the probability of

being able to repay the loan.

If a borrower has taken a loan, the loan defaults partly depend on the borrower’s
actions. Normally, it is expect the borrower to choose actions such that the additional
benefit of each action equals its additional cost. This is different when the lender has no
perfect information concerning the borrower. In addition when there is no collateral, the
borrower does not personally take the full cost of loan default. Moreover, the lender
cannot specify perfectly how the borrower should run the business, in part, because

some of the borrower’s actions are cost full to obtain.

In this study Principal represents MFIs while Agent represents the borrowers who are
entrusted with loans and expected to repay as per MFIs requirements. Therefore, the
MFIs inability to obtain borrowers information about socioeconomic characteristics,
business knowledge and experience and general business performance may lead to loan
defaults. Also in the some cases the study propose that when Loan supervisors becomes
an Agents of MFIs, usually fail to meet the MFI’s interests acting as Principal to ensure
the borrowers are well supervised and report any detail that signals defaults for

immediate and appropriate measures.

This study uses the Agency theory which supports MFIs to enter into loan contract with
the borrowers without having perfect information of the borrowers. This theory shows

the occurrence of loan default as a result of either moral hazard or adverse selection.
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2.7 Empirical literature review
2.7.1 Factors for occurrence of loan default

Makorere (2014), studied factors affecting loan repayment behavior which leads to
default in Dar -es- Salaam and Morogoro, Tanzania because experience show that many
financial institutions are still facing poor loan recovery. The study used cross section
design and applied convenience sampling technique to obtain sample size of 100
respondents. The study used questionnaire tool to capture primary data, while
descriptive statistics was used to analyse data in frequencies and percentages. The
descriptive results showed that the uttermost factors like moral hazard, electricity
rationing, and economic stability have strong effects in stimulating loan repayment
behaviour in Tanzania. The study concluded that government intervention is important
and financial institutions should assess credit risk management adequately using
collateral, condition, characters, capacity and capital measurement to control

delinquency rate.

Additionally, Kinyondo (2009) investigated the key factors that influence loan
repayment among group borrowers of microcredit institutions in Dar es salaam,
Tanzania. The study based on 150 respondents from PRIDE and FINCA in Kariakoo
Division, Dar es salaam, Tanzania. The Logit model regression results suggest that
experience, training time, and sanctions have positive and significant effects on loan
repayment among group borrowers of MFIs. However, transaction costs and group size
have negative and significant effects on loan repayment performance. Finally,
Kinyondo concluded by suggesting policy options to improve loan repayment
performance among borrowers of MFIs in Tanzania. These are, encouraging long term
relationship with groups, adequate training of groups, establishing lasting social
sanctions with the groups and by the microfinance institutions, cutting down cost
incurred by groups and encouraging more coordination amongst MFIs through the

creation credit reference bureau.
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Furthermore, Bichanga (2013), studied causes of loan default within micro finance
institutions in Trans Nzoia County, Kenya. The general objective was to find out the
causes of loan default within microfinance institutions in Trans-Nzoia County.
Specifically on how non- supervision of borrowers influences the loan repayment
financed by MFIs in Trans-Nzoia county and effects of shrinking economic growth
experienced by borrowers on loan repayment and to establish how diversion of loan
funds by borrowers leads to default in loan repayment. Target population was 400
borrowers and 200 MFIs out of which using simple random sampling on each stratum a
sample of 150 was selected. Data were collected using structured and semi-structured
questionnaires and analysed using both quantitative and qualitative techniques. The
study found out that loan default was as result of non-supervision of borrowers by
the MFIs, and also as a result of inadequate training of borrowers on utilisation of

loan funds before they received loans.

Also, Marjo (2010) reported that socio-demographical and behavioural variables have
effects on loan default. Among other socio-demographical variables age, income,
education and nationality were found significant. Also there are behavioural variables
that have significant influence on loan default. These are loan size and the information
if customer has been granted a loan earlier from the same company. The results had

variation to some extent when excluding few of the variables outside the model.

Moreover, Vasanthi and Raja (2006) estimated the likelihood of default risk
associated with income and other factors with Australian data (Australian Bureau of
Statistics, ABS 2001) in a sample of 3431 households. The study aimed at seeking
the relationship between the default risk and socio-economic and housing
characteristics. Results showed that the age of the head of the household is significant
in determining the probability of loan default. That is, the younger households tend to
be adversely affected by the increasing burden of repayments. Income as socio-
demographic variable show to have a significant effect, and that low income
contributes to default. Another important factor was the loan to value ratio,
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educational level of the head of household and marital status had significance impact
on default. Vasanthi and Raja drew a conclusion that the probability of default is
higher with an uneducated, younger and divorced as head of the family compared to
others.

In similar vein, Agarwal et al (2009) assessed the role of individual social capital
information characteristics on household default and bankruptcy outcomes. They used
monthly panel data set of more than 170 000 credit cardholders for a period of over 24
months. With the observations of each borrower’s default and bankruptcy filing
status they were able to find distress factors such as riskiness, spending, debt, income,
wealth, economic conditions, legal environment and socio-demographical
characteristics to significantly affect default. Their results showed that borrowers who
migrate from their state of birth default more. Another finding was that a borrower

who is married and owns a house of his own has a lower risk of default.

Particularly, Berhanu (2005) studied socio-economic, institutional and natural factors
that affect loan repayment capacity of smallholder farmers in North Gondar, Ethiopia.
Data used for this study were collected from a sample of 157 borrowers through
structured questionnaire. Two-limit Tobit model was employed to analyse factors
influencing loan repayment and intensity of loan recovery among smallholder farmers.
A total of 17 explanatory variables were considered in the econometric model. Out of
these seven variables were found to significantly influence the loan repayment. These
were land holding size of the family, agro-ecology of the area, total livestock holding,
number of years of experience, number of contacts, sources of credit and income from
off -farm activities. The remaining variables (family size, purpose of borrowing and
loan amount) were found to have insignificant effect on loan defaults of smallholder

farmers.

Above all, Berhanu (2005) added that availability of alternative sources of income,

family size and purpose of borrowing. Through empirical review, it is noted that
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business characteristics (profitability of business, acquisition of business management
education, experience on business etc,) and MFIs characteristics (interest rate charged,
screening mechanism, credit rationing etc.) were not included into variables that
influence loan default. Therefore, this study intends fill this gap by finding out how

business and MFIs characteristics determines the likelihood of a borrower to default.

2.7.2 Statistical methods for estimating the likelihood of loan default

According to Weizhuo (2010), there are several statistical methods used to estimate
credit scoring models in assessing borrowers’ credits, such as discriminate analysis
(Dunn and Frey, 1976), linear probability models (Turvey, 1991), probit models
(Lufbuttow et al.,1984) and logit models (Mortensen et al., 1988). The last three
methods estimate the default rate based on the historical data on loan performances and
the borrowers’ characteristics. The idea of linear probability is to look up for a linear
combination of explanatory variables. It assumes there is a linear relationship
between the default rate and the factors. The probit model assumes the probability of
default follows the standard cumulative normal distribution function. The probability of
default is logistically distributed in the logit model and discriminant analysis divides
borrowers into high and low default-risk classes (Mester, 1997). In addition, Weizhuo
(2010) explained that, discriminant analysis presents the critical assessment of the use

of discriminant analysis in business.

Further studies conducted by Collins and Green (1982) suggested linear probability
model could show a reasonable prediction outcomes compared to discriminant analysis
and logit models. However, Pyndick and Rubinfeld (1998), Greene (1997), and Judge et
al. (1985) explained that the linear probability model can predict the default rate, but
the predictive value might not necessary lie between zero and one. Moreover, because

the variances of the models are generally heteroscedasticity, it leads to inconsistent

estimation problem and invalid conventional measure of fit such as the R®.
Nevertheless, Hand and Henley (1997), reports that logistic approach is a more
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appropriate statistical tool than linear regression, when there are two discrete classes
(good and bad risks) defined in the model. This gives the logistic approach superior
classification rate. The probit model is very similar to the logit model. The logit model
is generally preferred to the probit model because of its simplicity (Barney et al.,
1999; Novak and LaDue, 1999; Lee and Jung, 1999)

On the other hand, Clarke, (2005) agrees with other scholars that, logistic modelling
approach is commonly used to model the bank’s lending decision and that logit model
can increase the overall classification rate, and substantially reduce the error rate. The
logistic approach also gives superior classification compare to discriminant analysis
(Wiginto, 1980).

From the afore-discussion, it appears that loan issues and borrowers’ behavior are major
determinants of loan defaults. As stated by Makorere (2014) repayment of loan depends
on borrower’s behaviors and economic stability; whereas Kinyondo (2009) argued that
lack of training and lack of sanctions for defaulted borrowers are major causes of loan
default. On the other hand, Bichanga (2013) reported non supervision of borrowers
while Onyeagocha et al (2012) revealed that shocks, loan size, experience of credit
officers influences the borrowers to default. However, there is limited information
regarding to financial Institutions and business characteristics as determinant for loan
defaults. In addition, descriptive analysis was not considered as the important technique
for analysis. However, the logistic approaches that is logit models have been applied

frequently in previous research and gives superior classification.
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2.8 Conceptual framework

According to Dinh and Kleimeier, (2007), there are two important standards for
variable selection; first, the variables should have significant coefficients and contribute
to explanation of the dependent variable’s variance. Second, the variables should have

close correlation with included variables.

The major factors commonly used in credit scoring models include the borrowers’
income, age, gender, education, occupation, employer type, region, time at present
address, residential status, marital status, home phone, collateral value, loan
duration, time with bank, number of loans, and current account (Dinh and Kleimeier,
2007; Roszbach, 2004; Jacobson and Roszbach, 2003; Martinelli, 1997; Crook,
Hamilton, and Thomas, 1992; Boyes, Hoffman, and Low, 1989; Capon, 1982; ). This
study groups these variables into Borrowers’ characteristics, Financial Institution

characteristics and Business characteristics.

19



Figure 2.1: Determinants of Loan defaults and its effects
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The dependent variable is the loan default which is a binary dependent variable.

1 Defaulted; if loan installment is delayed > 30 days

0 Not defaulted; if loan installment is delayed <30 days

This criterion is consistent with study definition of loan default.
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First independent variable is borrowers’ characteristics that results to failure to repay
the loan. This study assumed that the characteristics of borrower which include Gender
type, marital status, Level of education and Level of Income help to identify the reasons
for loan defaults from client’s side. This relationship is also supported by Makorere

(2014), study on factors affecting loan repayment behavior.

The second independent variable is the nature and characteristics of undertaking to be
funded by loan. The study assumed that defaults arise due to inability of the
undertaking to regenerate returns. Therefore, the study assessed if loan is spent on
business or personal expenditure and if on business then what is the characteristics of
business. The age of business, profitability and risk level of the business was taken into

account.

The third independent variable is the financial institutions’ characteristics. This variable
is measured by the rate of interest charged on loan by different institutions; grace period
offered by the institutions; credit rationing and loan supervision. The assumption is the
period offered to the clients before the first installment of loan repayment and the
amount to pay as a cost for taking a loan as well as others mentioned have a significant

influence on the defaults of loans.

21



CHAPTER THREE

RESEARCH METHODOLOGY
3.0 An overview

This chapter presents methodological process which provides vital information needed
to achieve the study objectives. The chapter is divided into main sections including an
overview. The second section provides description of the study area. This is followed
by research design, study population and sampling unit, sample size, sampling
techniques, types and sources of data, data collection methods, validity and reliability

issues and wind up with data analysis methods.
3.1 Description of the study area

This study was conducted in Dodoma Municipality in Dodoma region. It is found in
Longitude 35° 44’ East and Latitude 6° 10’ South in the center of the country, the town
is 486 kilometres West of the former capital at Dar es Salaam and 441 kilometres South
of Arusha, the headquarters of the East African Community. Dodoma Municipality

covers an area of 2,669 square kilometre of which 625 square kilometers is urbanised.

According to the Population Census of 2012 the district had total population size of
410,956; out of the total population 199,487 people (48.5 percent) are male while
211,469 people (51.5 percent) are female and the average household size is 4.4 people.

Dodoma Municipality has a total of 6 MFIs including PRIDE, FINCA, VISION FUND,
WORLD VISION, BRAC; 8 Commercial Banks including Co-operative Rural
Development Bank (CRDB), National Microfinance Bank (NMB), National Bank of
Commerce (NBC), Diamond Trust Bank (DTB), Akiba Commercial Bank (ACB),
Tanzania Postal Bank (TPB), Exim and Baclays and 22 Savings and Credit Cooperative
Societies (CDA Report, 2013).
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Figure 3.1: Map Tanzania showing Dodoma region
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3.2 Research design
A cross-sectional design was used to gather information from a representative

population sample to obtain an overal picture as it stands in the study area. In respect to
this, data from sample respondents were collected at a single point in time. The design

was chosen because of being economical to conduct in terms of time.

3.3 Sampling techniques

The study employed both purposive and non-purposive sampling techniques.
Purposively, out of 7 districts Dodoma Urban municipality was selected. The criteria
for selecting this study area based on the availability of MFIs and their beneficiaries.
The second stage also involved purposive sampling technique to select PRIDE and
FINCA out of 6 MFIs in Dodoma municipality. The criteria for selecting PRIDE and
FINCA is because they are the biggest MFIs in the study area which use both individual
and group-based lending models. Similar technique was used to select 2 key informants
from each selected MFI. These were Branch Managers, credit officers and loan officers
who make 6 key informants. The selection criteria was based on their knowledge and
information concerning about the factors influencing borrowers to default their loans in

the study area.

Lastly, non-purposive sampling technique that is simple random was used for selecting
loan borrowers from PRIDE and FINCA. This method was used to select 98
respondents from each MFI and make a total of 196 respondents. Equal sample size
was taken from each location because the population did not differ much.

3.4 Population and sampling unit

The target population of the study was loan borrowers from MFIs. The sampling frame
of the study was a list of loan borrowers from FINCA and PRIDE in Dodoma
municipality which was obtained from respective offices. The sampling unit in this

study was a loan borrower who has obtained loan from selected MFls.
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Due to unavailaility of the loan borrowers using individual lending model, this study
use borrowers of group lending model to gather the required information. Thus, the
population used to calculate sample size was 328,765 borrowers obtained from FINCA
and PRIDE as shown in Table 3.1.

Table 3.1 Number of registered borrowers in selcted MFIs in 2014

MFI Number of Borrowers
Group lending Model Individual lending Model
FINCA 173,530 3873
PRIDE 155,235 4603
TOTAL 328,765 8476

Source: Field data, 2015

3.5. Sample size

From each selected MFIs, register was used and names of 98 borrowers were selected
using simple random sampling technique to make a grand total of 196 out of 328,765
borrowers. The sample size was obtained using formula as shown by Kothari, (2004) as
presented hereunder:

zzﬂp:&:qkﬂ'
ﬂ:
e?(N—1)+z*=p=q

Where

N= size of population — 328,765

n=size of sample - ?

e= acceptable error - (since the estimate should be within 2% of true value),
p= standard deviation of population - 0.02

z= 2.005 (area of normal curve for the given confidence level of 95.5%)

g= 1-0.02
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(2.005)%(0.02)(1 — 0.02)(328765)

n= — =
(0.02)2(328765 — 1)+(2.005)2(0.02)(1— 0.02)
25904.21

131.58
Thus, the appropriate sample size is 196 borrowers.

3.6 Data types and sources

Two types of data were collected for this study. These were both primary and

secondary data.

3.6.1 Primary data

Primary data were collected directly from the borrowers and key informants during a
field survey using structured and semi-structured interview respectively. In primary
data, the researcher obtained information on borrower’s characteristics, business
characteristics and MFIs characteristics. This information provided a basis for analysis

of factors influencing the likelihood of borrowers to default.

The collected information included borrower’s characteristics (age, gender, level of
education, level of income, asset ownership and marital status); business characteristics
(type of business, past experience on business, profit generated from business, and
acquisition of business management education) and MFIs characteristics (interest rate,
legal procedures to deal with defaulters, loan supervision). This detailed information

aimed at determining the likelihood of loan default.

Further data were collected regarding the effects of loan defaults on borrowers and
MFIs. The collected information showed of how loan default problem have an impact
to MFIs and borrowers. This included information on the effects in operations of MFIs
and social or economic effects to borrowers who defaulted and the rest of group

members.
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3.6.2 Secondary data

Secondary data were collected through documentary sources including: MFIs annual
reports related to loan default problem, journals (published and unpublished) and
websites. Unpublished documents were management and supervisors’ reports
concerning loan defaults. Published documents were Annual Financial reports, journals
and other related documents. Secondary data provided a list of loan defaulters only
from individual lending model from 2004 to 2014. In group lending model, defaulters
are not known to the MFI since the group is required to make a full loan repayment

regardless of any default in the group.
3.7 Data collection methods and tools

Primary data were collected directly from the respondents using structured interview
and semi-structured interview. These methods are elaborated in the below subsections.

3.7.1 Structured interview

Structured interview method used questionnaire in data collection (Olsen and George,
2004). The questionnaire was chosen as important tool of collecting data from
respondents, due to its cost-effectiveness and strength of capturing empirical data in
both informal and formal setting (Kothari, 1990). The questionnaire consisted of both
open and closed ended questions (Appendix 1). To ensure accuracy of the information
gathered from respondents, the questionnaire was translated into Kiswabhili, the national

language that was well understood by interviewees.
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3.7.2 Semi-structured interviews

An in-depth interview conducted to key informants by using checklist (Appendix II).
An in-depth interview was chosen as important method of data collection partly due to
its flexibility in obtaining information from various actors and its ability of capturing
additional information that was useful in interpreting the results of the sampled
respondents (Kothari, 1990).

3.7.3 Documentary review

This method was used to collect secondary data whereby relevant documents and
information were reviewed such as annual management reports, journals and other
related documents. The obtained information helped the researcher to modify the

objectives of the study as well as the preparation of the questionnaire to be used.
3.8 Validity and reliability of data

According to Phelan and Wren (2006), data reliability is the degree to which an
assessment tool produces stable and consistent results while validity refers to how well

a test measures what is purported to measure.

The external validity was determined and studied from the respondents using pilot
testing of the results and choosing the method that is most precise such as interviews,
observation and questionnaires. Internal validity was guaranteed by carefully
structuring interviews and questionnaires so as to have a comprehensive consistent and
precise study. A questionnaire pre-testing was done to determine the internal validity

for surveying instruments.

Reliability was guaranteed by making sure that the questionnaires are adequate, precise,
and exhaustive and in simple language. Adequacy of reliability for the surveys was
done by designing a sample which was large enough to be representative of a

population. All data collected by the researcher through different techniques were
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cross-checked in order to ensure that the instruments used are able to measure what
they were expected to measure, and obtain reliable data. In order to determine the
reliability of data, research instruments were pre-tested for at least one respondent from
each group, and they were modified in the light of pilot study.

3.9 Data analysis methods
3.9.1 Descriptive analysis

For the objective of identifying the extent of loan defaults and its effects, was analysed
using descriptive statistics where means, frequencies, percentage composition and cross
tabulation were employed. Frequency distribution was used as a tool for organising data
and grouping them into categories to show the number of observations in each category
and percentage composition used to find out the proportion of respondents in each
category. Cross tabulation was used as a joint frequency distribution of cases based on

two or more categorical variables (Baker, 2004).
3.9.2 Analysis model

There are several statistical models which can be used to assess the factors for loan
default. Discriminant analysis, linear probability models, probit models and Logit
models. The last three methods estimate the default rate based on the historical data on
loan performances and the borrowers’ characteristics. Thus, in the second objective
Logistic regression model was employed to determine the factors leading to the
likelihood of borrowers to loan default.

3.9.2.1 Logistic regression model

The study makes use of the logistic regression model which is based on binomial
probability theory. It is a mathematical modeling approach used in describing the
relationship of several independent variables to a dichotomous dependent variable or a

limited dependent variable. The logit function was employed because the dependent
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variable “default” is dichotomous, whereas the proposed covariates were mixture of

continuous and categorical random variables.

3.9.2.2 Estimation of the model

Due to the nature of the study, the dependent variable is binary taking only two values
of zero and one. In this case, ordinary least square cannot be appropriate for this nature
of data. Therefore, the study adopts logistic regression model designed specifically for
limited dependent variables. This method uses maximum likelihood estimation method
to estimate the value of parameters of the model.

The dependent variable takes the value of 1 if the borrower defaults loan repayment for
more than 30 days) and takes the value of O if the borrower did not default (did not
delay loan repayment for more than 30 days). In binary logistic model, this variable is
the one that determines the likelihood of a borrower to repay the loan. This makes
possible to estimate the Likelihood of default as explained by business and MFIs
characteristics, which include variables such as the place of residence, age of a
borrower, gender of a borrower, distance from MFIs to business area, business type,
business management knowledge, interest rate charged by MFIs, marital status of the
borrower, level of education of a borrower, asset ownership, past business experience

and weak legal actions to defaulters.

The borrower’s likelihood to default is determined by the utility derived from prompt
loan repayment. The difference in utility levels between defaulting and not to defaulting

is what determines the borrower’s repayment decision. Let utility derived be denoted

by ¥, This utility depends on borrower’s characteristics including education level, age,
marital status and gender of the borrower. Other factors that may affect the utility
function include distance from MFIs to business area, business type, business

management knowledge, interest rate charged by MFIs and other characteristics.
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v #

For each borrower we can derive the utility difference denoted by ¥ * as a function of

borrowers’ characteristics and other factors denoted by % and the error term i, which
captures the influence of other factors not observed. The following equation can be
estimated, assuming a linear relationship

y*=XB+u (1)

¥ *is unobserved variable called the latent variable. The assumption is that the
borrower may default when the utility difference exceeds a certain threshold level that

can be set to 0 without loss of generality.

If ¥ is the variable that represents the borrower’s likelihood to default it takes the value

of 1 if the borrower defaults and it takes the value of O if the borrower do not.
Estimation of equation 1 is not possible because y* is unobserved, hence it is of little
significance.

Consider the following situation:

_{uf}nx::n
YZl0ifye<0

Therefore, instead of estimating equation (1) equation (2) is estimated.
P, =E(Y=1|x;) =5, + 5. X, 2
Where:

[1 If the borrower defaults (delay loan repayment for more that 30 days)
¥ =

0 If the borrower do not default (not delay loan repayment for more that 30 days)
Equation (2) can be estimated by Ordinary Least Squares method (OLS), hence called a
Linear Probability Model (LPM). Since the dependent variable is binary, estimation by
OLS will be inappropriate. Gujarati (2004) points out the weaknesses of estimating
equation (2) by OLS method. First, it can lead to probabilities that are out of range, that
is, either negative values or values greater than 1. Second, the error term will be
heteroscedasticity therefore statistical inferences will lead to wrong conclusions. Third
non-normality of the disturbance term and finally the measures of goodness of fit of the

model will be questionable.

31



To resolve the problems of LPM, it is necessary to make some assumptions on the
distribution of the disturbance term p. The logistic regression model assumes the
disturbance term follows a standard logistic distribution with mean 0 and standard

T

deviation of 3 while the probit model assumes p follows a standard normal distribution
with mean 0 and standard deviation of 1. Both logit and probit models use Maximum

Likelihood (ML) technique to estimate equation (1).

This study uses the logit model to estimate the borrower’s likelihood to default. This is
because it is easier to interpret the logit model than the probit model.

X is a set of explanatory variables explaining the dependent variable. Since logit model

assumes that the error term follows a standard logistic distribution with mean 0 and
=
3

standard deviation of 2. Thus the probability that Y=1 is given as:

_ _ _ 1
Fi= E(Y = 1|Xi:] T 1- e FtE] 2
For ease of exposition, we write equation (2) as
1 g
b= T e 3)

Where Z:= By + B X;

The equation (3) represents what is known as the (cumulative) logistic distribution

function of characteristics of the borrower, business and MFiIs.

It is easy to verify that as Z: ranges from ~®toT%, P: ranges between 0 and 1 and : is
nonlinearly related toZ:(-e-. X;) thus satisfying two requirements considered earlier.
In order to satisfy these requirements, we have created estimation problems because

is non-linear not only in % but also in B'S as can be seen clearly from equation (2). This
means that cannot use the familiar OLS procedure to estimate parameters Gujarati

(2004). Therefore, the equation (2) can be liberalized as follows:
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If P:, is the probability of a borrower to default is given by equation (3), then(t — £4),

is the probability of a borrower not to default given the equation (4)
1

1-P,=— @
Therefore, the above equation will be as follows

B 1#ef z

1, 1+e E° (5)

Now P/ (1 — P;) s simply the odd ratio® in favour of a borrower to default, the ratio of
the probability that loan default occurs. In order to obtain a good result the equation (5)
must be in natural log as follow in equation (6)

B

L=mn(%) =z

= B, + BoX; (6)
That is, L, the log of the odds ratio, is not only linear to X, but also linear in the

parameters. L is called the logit, and hence the name logit model for model equation

(6).
3.9.4 The estimation techniques

In order to estimate the logit model the equation (6) can be as follows

L;= ln(i) =p,+ 6,X; + ¢

1-p;
To estimate the specified logit model the forced entry method was used in favour of the
stepwise approach. This is because of the advantage that the forced entry method has
over the stepwise method. The stepwise method removes the variables that do not meet
the significance level condition specified, thus losing some important information
regarding the effect of variables removed have on the dependent variable. By forced
entry method, all the variables are entered together and none is removed from the

specified model.

! Odds ratio refers to the ratio of the probability that something happens to the probability of it not
happening. If p is the pgobability of occurrence 1-p is the probability of non-occurrence. Thus the
odds ratio is given as P
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3.9.5 Empirical model

The following logistic model was estimated
P, =E(Y =1|X) =F(Xf), @)

Where; F: is the probability that the dependent variable takes the value of 1, given the
value of regressors

X'is a vector of explanatory variables explaining the dependent variable

B is the coefficient

In terms of logarithm of the odds is the equation (7) is written as:

In (1?’:] = By + B1AG + B,GND + B;MART + S,EDU + B.BUSTYP + S,BUSEDU +

B, MFILOCAT + B,FAMPROB + B,LOANUSE + f3,, WEAKLEG + f3,, ASTOWN +
B, PASTEXP + 3,3 INTEREST + &

(8)
Where,

¥; = Dependent variable that takes the value of “1” if the borrower defaults and it takes

the value of 0 if the borrower does not default

P |s the estimated probability that Y takes the value = 1.

AG = Age of the borrower

GND = Gender of the borrower takes “1” if respondent is male and “0”
for female

MART = Martial status of respondent takes “1” for married “0” and
otherwise

EDU = Education level of respondent take “1” if attended formal

education and “0”otherwise

BUSTYP = Business type takes “1” if business generate frequent revenue
weekly and “0” otherwise

BUSEDUC = Business Education takes “1” if respondents acquired business
education and “0” otherwise

MFILOCAT = MEFTI Location takes “1” if distance to MFI is within 1-3 km

otherwise “0”
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FAMPROB

LOANUSE

WEAKLEG

ASTOWN

PASTEXP

INTEREST

Family problem take “1” if respondent had death in family, etc
and “0” and otherwise

Uses of loan take “1” if loan was used for business purpose and
“0” and otherwise

Weak legal actions takes “1” if MFI has weak legal action
toward defaulters and otherwise “0”

Borrowers Asset Ownership takes “1” if respondent own assets
accepted as collateral and otherwise “0”

Past experience takes “1” if respondent has past experience of
the business he/she owns and “0” otherwise

Interest rate charged by MFIs

By rearranging (7), the estimated probability of default P(Y=1) is given by

1
F(Y - 1] TP PR € % e P (8)
Where; 5q, 51, B2, B5 ,...... 5, are the coefficients to be estimated and e is the error

term.
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CHAPTER FOUR

RESULTS AND DISCUSSION
4.0 An overview

This chapter presents and discusses the results of determinants of loan defaults in the
selected MFIs. Section one presents an analysis for characteristics of respondents,
section two presents the assessment of the level of loan default in selected MFIs for a
period of 2004 to 2014. Section three provides the logistic regression results of factors
influencing loan defaults in the selected MFIs. The forth section winds up with

identifying effects of loan defaults to the borrowers and MFls.
4.1 Demographic characteristics of respondents (n=196)

According to Marjo (2010) socio-demographical variables have a notable outcomes
leading to loan default. The significant variables are income, age, education and marital
status. Thus, in this section, age, gender, education, marital status and asset ownership
are presented and discussed. Such variables are fundamentally linked to borrower’s

eligibility to acquire loan from MFIs and the ability to repay the loan.
4.1.1 Gender of respondents

Gender is socially-constructed roles and relationships between men and women. Since
many MFIs target female clients, the gender results in Table 4.1 proves the success of
this target as most of the borrowers are women by (70.4%) compared to men (29.6%).
This indicates that a great number of women are involved in small income generating

activities and normally they acquire capital from MFIs.

The results are supported by Armendariz and Morduch, (2005) who reported that women
participates more in MFIs than men and therefore women are helped by raising their
awareness as well as to enable them to have a greater control over resources. In addition,

women are likely to form informal social association such as ROSCA or “Mchezo”
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which can be formalized by the financial institution and become a security for loan
acquisition. The reason for MFIs to focus on female clients is substantial, as women
clients have higher repayment rates and contribute larger portions of their income to
household consumption than their male counterparts. Thus, there is a strong business

and public policy case for targeting female borrowers.
4.1.2 Age of respondents

Age measures the borrower’s age in years. Age of respondent is an important aspect
in MFIs because it determines the ability to take risk, mobility, mental maturity and life

experience particularly in financial management.

In the same table, the age of respondents were grouped into three categories. The
categories are youths (18-34 years), adults (35-54 years) and the elders (55 years and
above). In general the results show that majority of the borrowers are youth and adults
forming 71.4% of respondents while the rest of the age groups forms 28.6%. These
results indicate that most of the borrowers are still at economically productive age (18 -
34 years). Therefore, the findings suggest that youth are engaged more in acquisition of
loans from MFIs so as create self employment through business.

This finding is supported by Autio et al. (2009) who conducted a comprehensive study
of the use of small loans in Finland. The results showed that young adults use small

loans more than other age groups.
4.1.3 Level of education

The study also investigated the level of education among borrowers, since it is often
believed that higher education gives borrower the ability to understand, interpret and
respond to new opportunities including access to loans from MFIs faster than their
counterparts with lower education (Feder et al., 1985).
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The results in Table 4.1 indicate that, high percentage composition of respondents
(40.8%) have attained secondary school education, followed by 35.2% who have
primary school education and 12.3% university degree. Only 11.7% of respondents
have no formal education. This implies that, majority of respondents with low
education are self employed and had opportunity to acquire loan from IMFs. However,
presence of respondents with university education demonstrates efforts towards self

employments due to the problem of unemployment in the country.

Table 4.1: Socioeconomic characteristics of respondents

Variable Category Frequency Percentage
Gender Male 58 29.6
Female 138 70.4
(18-34) years 88 449
Age (years) (35-54) years 52 26.5
(55-64) years 45 22.9
(> 65) years 11 05.7
Not Educated 23 11.7
Primary school 69 35.2
Education level Ordinary secondary 38 194
Advanced secondary 42 21.4
University education 24 12.3
Single 33 16.8
Marital status Married 83 42.2
Widow/widower 34 17.3
Divorced 46 235
Asset ownership Not owned 141 71.9

which are collaterals
Owned 55 28.1

Source: Field data, 2015
4.1.4 Marital status

The marital status of households is usually used to determine the stability of a
household in African families. It is normally believed that married household heads
tend to be more responsible in business activities than single head of households. It is
through this assumption that, the marital status of borrowers in MFIs will have an effect

on loan repayment.
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As shown in Table 4.1, majority 42.2% of the respondents were married whereas 16.8%
were single, 23.5% were divorced and about 17.3% were widow/widowers in both
MFIs. This implies that married respondents have more family responsibilities which
force them to join MFlIs to obtain capital to establish other income generating activities.
The findings also were supported by Yarumba (2010), that married have additional
responsibilities for their families which force them to utilize the available resource so as

to earn income for improving households’ livelihood.
4.1.5 Ownership of collaterals / assets

Assets are pledged as security for a loan to be forfeited in the event of any loan
repayment defaulting. It is apparent that ownership of collateral is an important
criterion or factor for one to qualify for loan from any MFI (Duy, 2012). In this study it
was discovered that 71.9% of respondents owned assets which are not accepted by
MFIs as collateral while 28.1% of the respondents owned such type of assets. This
implies that majority of the borrowers had no collaterals and ultimately the situation

forces them to Joint Liability Groups ? in MFls.

2 |s an informal group preferably of 4 to 10 individuals coming together for the purpose of acquiring loan
through group mechanism against mutual guarantee
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4.2 Assessment of the extent of loan default in selected MFIs for a period of 2004
to 2014

The extent of loan defaults for a period of 2004 to 2014 was ascertained using records
of borrowers who were in individual lending model. This extent was determined by
calculating the ratio of the total borrowers served to the number of borrowers who have
defaulted. This ratio is expressed in terms of percentage as shown in Table 4.2 and

presented in Figure 4.1.

Table 4.2: Extent of loan defaults in selected MFIs for a period of 2004 to 2014

Years FINCA PRIDE

Total Borrowers % Total Borrowers %

Borrowers Defaulted Default ~ Borrowers Defaulted Default

2004 2,737 242 8.8 1,978 240 121
2005 2,809 218 7.8 2,148 219 10.2
2006 2,885 185 6.4 2,274 228 10.0
2007 2,971 182 6.1 2,582 210 8.1
2008 3,066 209 6.8 2,859 252 8.8
2009 3,176 173 5.4 3,291 261 7.9
2010 3,299 164 5.0 3,694 201 54
2011 3,433 146 4.3 4,015 216 54
2012 3,573 128 3.6 4,213 231 5.5
2013 3,719 134 3.6 4,385 189 4.3
2014 3,873 132 34 4,603 176 3.8

Source: Field data, 2015

In both MFIs the rate of loan defaulter has been decreasing from year 2004 to 2007.
However, in 2008 to 2009 there was a sharp increase of default rate in PRIDE
microfinance institution. Information from the institution shows inadequate close
monitoring and less supervision of new borrowers’ businesses due to few loan

supervisors. Thereafter, there was a massive decline of default rates due to increase
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loan supervisors, close monitoring of borrowers’ business, high screening and credit

rationing for new borrowers.

Figure 4.1: Trends of loan default in selected MFIs for a period of 2004 to 2014
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Source: Field data, 2015

Table 4.3 below shows the total default rate of the selected MFIs in year 2014 among
several demographic characteristics. These characteristics include variables such as
Gender, Age, Education level, Marital status and Occupation of clients. First and
second column shows demographic characteristics and its variables respectively. Third,
fourth, fifth and sixth columns shows Number of clients defaulted, Number of clients
that did not default, Total number of clients and Percentage number of clients defaulted

respectively.
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Table 4.3: Loan default rate according to demographic characteristics

Demographic  Variables No. of No. of Clients Total No. of %
Characteristic Clients Not Defaulted Clients Default
Defaulted ed
Gender Male 121 1913 2034 5.9%
Female 187 6255 6442 2.9%
Age Groups (18-34) 114 2090 2204 5.2%
(Years) (35-54) 129 3939 4068 3.3%
(55-64) 49 1477 1526 3.1%
(> 65) 16 662 678 2.4%
Education Not Educated 107 1927 2034 5.3%
Level Primary school 53 965 1018 5.2%
Ordinary 81 2631 2712 3.0%
secondary
Advanced 49 1816 1865 2.6%
secondary
University 18 829 847 2.1%
education
Marital Single 114 3107 3221 3.5%
Status Married 31 2258 2289 1.4%
Widow/widower 89 1860 1949 4.8%
Divorced 74 943 1017 7.3%
Occupation Formal Employee 35 1228 1263 2.8%
Self employed 72 1538 1610 4.5%
Businessmen 201 5402 5603 3.6%

Source: Field data, 2015

From Table 4.3 the results show that male clients default more than the female clients.
This is explained by 5.9% default rate on male clients compare to 2.9% on female
clients. The reason for male to default more than women as reported by Arminger et al.,

(1997) and Coval et al., (2000) is that women are more risk averse than male.

Youth age ranging from 18 to 34 defaults more than other age groups as it can be seen
on Table 4.3. Also results suggest that default rate decreases with an increase of clients’
age. Thus youth of age between (18 — 34) default at a rate of 5.2% while age ranging
(35 —44), (45 — 55) and (more than 55 years) defaults at a rate of 3.3%, 3.1% and 2.4%
respectively. These findings are supported by Thomas (2000) and Boyle et. al., (1992)
who confirmed that older borrowers default less compared to younger borrowers. Thus

financial institutions hesitate to lend to younger clients who are more risk averse.
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Uneducated clients and those who only attended primary level education default more
than other clients who have acquire secondary and higher education. Table 4.3 shows
uneducated clients default at a rate of 5.3% while clients acquired higher education
level from university default at a rate of 2.1 %. Uneducated have low business and
financial skills to measure risks involved on their business and how to manage

business. This leads to make business loses which will affect the ability to repay loans.

On marital status, divorced and widows/widowers clients default more followed by
single clients while married clients default less compared to all other status. From the
Table 4.3, divorces clients default at rate of 7.3%, Widow/widowers at a rate of 4.8%,
Single at a rate of 3.5% while only 1.4 % of total number of married clients defaulted

their loans.

Finally Table 4.3 shows that clients who are employee of the formal sectors are less in
the total number but also default at a lower rate of 2.8%. Businessmen default at a rate
of 3.6% while clients with self employment are reported to default more compared to

other occupations by 4.5%.
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4.3 Factors influencing the likelihood of loan default in the selected MFIs

Logistic regression model was employed to estimate the likelihood of borrowers who
obtained loan from selected MFIs to default. SPSS version 11.5 was used for analysis
and the results of final Logistic regression estimates are presented in Table 4.4.

In table 4.4 below, Column two with the heading “B” gives the coefficient of variables
in the model. Column three with the heading “S.E” gives the standard error for the
coefficient values. The column four with heading “wald” gives the Wald test values of
the coefficient values. Df is the degree of freedom for the wald test values. The
column “sig”, show how significant the variables are to the model. A value less than
0.05 shows the variable is highly significant. Column “Exp (B)” gives the odds of
each variable.

Table 4.4: Logistic Estimated Parameters

PREDICTOR B S.E Wald  Df Sig Exp(B)
Constant 4117 1.609 6.544 1 0.011 61.36 **
AGLOG -0.761 0.361 4.432 1 0.035 0.467 *
GNDLOG 0.391 0.496 0.621 1 0.431 1.479 Ns
MARTLOG 0.156 0.477 0.108 1 0.743 1.169 Ns
EDULOG 0.514 0.378 1.847 1 0.174 1.672 Ns
BUSNTYP -1.596 0.48 11.069 1 0.001 0.203 *x
BUSEDUC -1.409 0.507 7.734 1 0.005 0.244 *x
MFILOCAT 0.633 0.868 0.532 1 0.466 1.883 Ns
FARMPROB 0.072 0.413 0.031 1 0.861 1.075 Ns
LOANUSE -1.588 0.507 9.814 1 0.002 0.204 *x
WEAKLEG -0.344 0.652 0.279 1 0.597 0.709 Ns
ASTOWN -0.423 0.668 0.401 1 0.527 0.655 Ns
PASTEXP -0.631 0.856 0.543 1 0.461 0.532 Ns
INTEREST -1.38 0.637 4.7 1 0.03 0.252 *

** and * indicate significance at 1% and 5% respectively while (ns) shows not significant

Source: Field data, 2015
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4.3.1 General analysis of the estimated coefficients and odds ratio

General analysis of the odds ratio values shown in Table 4.4 indicate that GNDLOG,
MARTLOG, EDULOG, MFILOCATION and FAMPROB have odd ratios greater than
one (OR>1) with positive coefficients. This shows a positive relationship with
likelihood to default. The odds ratios of AGELOG, BUSNTYPE, BUSEDUC,
WEAKLEGAL, ASTOWN, PASTEXP and INTEREST are less than one (OR<1) with
negative coefficients. This shows a negative relationship of these factors with the
likelihood to default.

Further, Table 4.4 shows some factors were found to be significant at (P<0.05)
including age (AGLOG) and interest rate charged by MFIs (INTEREST). Factors such
as Business type (BUSNTYPE), business management education (BUSEDUC) and use
of the loan (LOANUSE) were found to be significant at (P<0.01).

The remaining factors were found to have insignificant effect in the likelihood of loan
default. These factors are: Marital status (MARTLOG), level of education (EDULOG),
gender of borrower (GNDLOG), distance/location of MFIs (MFILOCATION), family
problems such as diseases (FAMPROBR), weak legal action to defaulters
(WEAKLEGAL), asset ownership (ASTOWN) and past experience on business
(PASTEXP).
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4.3.2 Analysis of the significant factors

4.3.2.1 Age of the borrower

Age measures the borrower’s age in years. As the age of the borrower increases it
reduces the likelihood of a borrower to default. The results show odds ratio of 0.467.
This means that a unit increase in borrower’s age lowers the likelihood of default by
53.3%. This suggests that borrowers in group between 18 to 34 years old are more

likely to default than older age groups in the selected MFlIs.

This finding is supported by Mokhtar (2012) where it was observed that the older
borrowers would be more responsible and disciplined in repaying their loan than
younger borrowers. Thomas (2000) and Boyle et al (1992) confirm that older
borrowers are more risk adverse, and therefore the less likely to default. Thus

banks are more hesitant to lend to younger borrowers who are more risk averse.

4.3.2.2 Business management education

Business management education among the borrowers was significant at 1% with odds
ratio of (0.244) and a coefficient of (-1.409). This implies that borrowers who have
management skills acquired through trainings or seminars manage their businesses
more prudently and are less likely to default compared to borrowers managing their
business without business education. Therefore an acquisition of business management
education was associated with a reduction of the likelihood of a borrower to default by
75.6%.

This result is supported by Awan (2015) who ranked lack of business education as the
4™ important cause of loan default in the study conducted in Pakistan. Also Oladeebo
(2008) found out that, borrowers that do not have formal education are likely to have
inadequate knowledge of loan acquisition and management, thereby making them
unable to repay the loans given to them. On the other hand, the borrowers’ education

level distinguished from post-graduate to non-high school graduate. Borrowers with
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high level of education are more likely to repay their loan since they occupy higher

positions and with high income levels.

4.3.2.3 Type of business

Business type was also significantly associated with the likelihood of loan default at
1%. The analysis showed a coefficient of (-1.596) with the odds ratio of (0.203),
indicating that, businesses with frequent business transactions (Revenue can be
obtained in daily basis) are likely to have reduction of odds in favour of default by
79.7% compared to businesses with less transactions. This means businesses which are
able to generate enough revenue to meet the weekly repayment schedules reduce the
likelihood of loan defaulting. This implies that borrowers involved in food vending,
retail shops, and motorcycle operators (bodaboda) reduces the likelihood of loan
defaulting compared to borrowers involved in businesses such as saloon and cloths
selling. This finding is supported by Suraya et. al., (2012) where it was observed that

the lower revenue cycle in businesses creates loan repayment problems to borrowers.

4.3.2.4 LLoan uses

Loan use was significantly associated with the loan defaulting likelihood at 1%. The
odds ratio of (0.204) suggests that the use of loan for non business purposes is likely to
increase loan default compared to business uses. Borrowers, who use loan for business
purpose, reduce loan default likelihood by 79.6% compared to those who use loan for
other non business purposes. The study revealed that most borrowers use loan to
finance food, shelter, clothes and to meet their basic needs rather than for business

activities.

This result is supported by Bayang (2009) who reported that, at the time of loan
disbursement, the poor borrowers are pre-occupied with addressing their social
problems ranging from shortage of food, lack of seeds for planting and paying medical

bills among others, a practice which makes loan repayment difficulty. Also Onchangwa
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et al (2013) asserted that misallocation of loans in unproductive activities by borrowers

reduced their investments and this posed a high loan defaults in Kenya.

4.3.2.5 Interest rate

Interest charged by MFIs was also associated with influencing the likelihood of a loan
borrower to default. This variable was statistically significant at 5% with an odds ratio
of (0.252) which shows that the interest charged by MFIs, as compared to those
charged by Commercial banks, leads to about 74.8% reduction in the loan default
likelihood. This means that high interest rates impose high cost to the borrowers,

making loan repayment difficulty.

These findings concur with Vandel (1993) and Okpugie (2009) in their studies who
found out that high interest rate charged by microfinance institutions is a major cause of

default among the microfinance borrowers.

4.3.3 Assessment of the model fit

In assessing the overall fitness of the model two approaches were used; statistical

measures and pseudo R2 measures.

The Hosmer and Lemeshow test measures the overall fit. The Hosmer and Lemeshow
test shows insignificance for the fitted model is 0.614 as shown in Table 4.5, indicating
that insignificant differences remain between actual and expected values. This is a

strong indication of a good model fit.
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Table 4.5: Results of Hosmer and Lemeshow test

Step Chi-square Df Significance

1 8.288 8 0.614

4.3.3.1 Pseudo R? measures
It can be observed from Table 4.6 that the model has a relatively larger pseudo R? of

0.521 for the Nagelkerke R Square and 0.452 for the Cox and Snell R Square. That is
the fitted model is able to explain or account for 52.1% of the variation in the

dependent variable. This is an indication of a good model.

Table 4.6 Model Summary

Steps -2log likelihood  Cox & Smell R Square Nagelkerke R Square

1 200.812° 0.452 0.521

However, there were some other factors which were not statistically significant in the
estimated model but had influence in the likelihood of loan default. These are Marital
status (MARTLOG), level of education (EDULOG), gender of borrower (GNDLOG),
distance/location of MFIs (MFILOCATION), family problems such as diseases
(FAMPROBR), weak legal action to defaulters (WEAKLEGAL), asset ownership
(ASTOWN) and past experience on business (PASTEXP). Their influence is supported
by different scholars who researched on similar studies.

4.4 The effects of loan defaults to borrowers and Microfinance Institution

4.4.1 Loan default in group lending model
In this part the researcher was interested to know if there was a defaulter within the

group borrowers that is one who missed to repay at least 1 installment within a month

period. Therefore, respondents were requested to display information whether one of
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them has missed to repay at least 1 installment within a month period or not. The results

are shown in Table 4.7 below.

Table 4.7 Presences of defaulters in lending groups

Response Frequency Percentage
YES 125 63.8
NO 71 36.2
Total 196 100

Source: Field data, 2015

As shown in Table 4.7, 63.8% of respondents have experienced defaulting problem
within their groups. The researcher was interested to know what measures has been
taken by a group to pay the installment to IMFs. 95% of respondents reported that the
defaulters lends money from the group members and repay the installments while 5%
reported that a group holds some properties to force the defaulters to if members have
doubt. This reveals that there was existence of defaulters in groups despite repayment
made to MFlIs.

4.4.2 The effects of loan defaults within the group lending model

4.4.2.1L oss of properties

The study identified loan defaults effects to loan borrowers. Collateral are valuable
items that are to be acquired in case a borrower defaults to compensate for the loss.
Table 4.8 shows that majority of respondents (76%) accepted that loan defaulters lose
their properties in case the borrower fails to repay the remaining loan balance. 24%
reported that defaulters do not lose their property instead are denied to acquire next

loan and be rejected by group members.
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Table 4.8: Response of borrowers on Loss of Properties set as collateral

Loss of property Frequency Percent
YES 149 76.0
NO 47 24.0
Total 196 100.0

Source: Field data, 2015

4.4.2.1 Rejection of borrowers to the next loan opportunity

The respondents were required to comment whether the individual borrowers rejected

for the next loan opportunity or not. The responses are shown on Figure 4.2.

Figure 4.2: Response of borrowers on Denial for next Loan opportunity

m YES
mNO

Source: Field data, 2015
The information provided in Figure 4.2 shows that 80.6% of respondents accepted that

loan defaulters are denied for next loan opportunity. These findings revealed that IMFs

had strong measures to control defaults.
4.4.3 Effects of loan defaults to MFIs

The information provided by key informants revealed that there was long term effect of
loan default to MFIs, despite group lending methodology. The effects mentioned were:
reduction of operating profit, interest income and lending capital capacity as explained
hereunder.
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4.4.3.1 Effect of loan defaults on operating profits

Operating profit is a profit earned from MFIs operations (gross profit minus operating
expenses) before deduction of interest and taxes. This section analyses the effects of
loan defaults on an operating profits of the selected MFIs for a period 2010 to 2014.

Table 4.9: Provision of Bad Debt through Operating Profit

MFI YEAR 2010 2011 2012 2013 2014
Operating Profit 1,819,052 2,428,708 3,494,778 5,403,096 6,571,002
Bad debts 471,817 307,511 314,615 236,879 244,436

PRIDE % provided to 25.9%% 12.7% 9% 4.4% 3.7%

recover bad debt

Operating Profit 2,093,117 3,197,850 4,010,542 6,604,260 7,328,658

FINCA  Bad debts 418,623 272,685 282,982 248,177 240,547
% provided to 19.9% 8.5% 7.1% 3.8% 3.3%
recover bad debt

Source: Field data, 2015

From Table 4.9, it is seen that highest impact of loan default on operating profit was
recorded in 2010 for both selected MFIs. At this year operating profit of Tshs.
1,819,052 was reduced by Tshs. 471,817 representing 21% of the total operating profit
for PRIDE while Tshs. 418,623 was reduced from the collected operating profit of
Tshs. 2,093, 117 which represent 19.9% for FINCA.

The lowest impact of loan default on operating profit was registered in year 2014, where
PRIDE had 3.6% of the operating profit used for provision of bad debts while FINCA
registered a loss of 3.3% of the collected annual operating profit for provision of bad
debt.

Generally, PRIDE spent a total of Tshs. 1,575,258 to recover bad debts which is
equivalent to 7.9% of Tshs. 19,716,636 which is the total operating profit for 5 years.
While FINCA records showed a total of Tshs. 1,463,014 was lost from a total of Tshs.
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23,234,427 which is 6.2% of collected operating profit to recover the total defaulted loan

amount for 5 years.

On the other hand, Interest income obtained from loans increases the profit of the
microfinance institutions. However, defaulted loans have negative effects on
operations of the MFIs. Whenever loan default occurs, lending institution has to make
provision for bad debt which reduces the amount of profit generated from interest
income. The findings showed an average of 4.1% and 3.2% of interest incomes were
used to provide for bad debts for PRIDE and FINCA respectively in a period of five
years starting from 2010 to 2014.

This obviously has a negative impact on the financial performance of the institution. This
situation also sends a wrong signal to any potential investors and also upset the existing
ones who wish to see their wealth growing. In addition, it undermines the ability of the
selected MFIs to raise additional capital from investors who are mostly concerned about

the health of the loan portfolio of the financial institution they are investing their funds.

Further, key informants reported different measures to solve loan defaults problem. The
measures which have accounted to the remarkable loan performance include loan
renegotiation, loan refinancing and effective monitoring and recovery programs

instituted by the selected institution to address the problem.
4.4.3.2 Impact on lending capacity

The lending capacity of MFI is influenced by loan recovery. Therefore large amount of
unrecovered loans undermines the MFI’s ability to grant more loans to the potential
clients and to create new loans as indicated in Table 4.9 a total of Tshs. 1,463,014 was
used to recover the bad debt which could be used to create new loans. This has a
negative impact on the liquidity of the organization which could result in temporary
freeze on or suspend entire lending activities or borrowing from other financial

institutions at high cost.
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Therefore loan default reduces the interest income that could be obtained from the
interest charged on each defaulted loan. Second, it reduces the operating profit of the
MFiIs through provision of bad debt as a result of loan default. Third, it leads to limited
access to financial services for new loan applicants. Loan default reduces lending
capacity of MFIs hence offering of loans to other new applicant becomes difficult. This

also affects the continuing borrowers in need of more credit due to shortage of funds.
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CHAPTER FIVE

SUMMARY, CONCLUSIONS AND POLICY IMPLICATIONS
5.0 An overview

This chapter summarizes the study and provides the conclusions, policy implications
and limitations of the study. It is divided into four sections. Section one covers the
summary of the study, section two concludes the study, section three presents policy
implications as related to the results of the study and section four presents limitation of

the study.
5.1 Summary

The study generally examined the determinants of loan default in MFIs in Tanzania.
Specifically it included the assessment of the level of default rate amongst selected
MFIs, determining the factors that influence the likelihood of loan default among
borrowers in the selected MFIs, and finally it identified the effects of loan defaults to

the borrowers and MFIs.

Basing on the results and discussion above, section 4.1 discussed demographic
characteristics which included variables such as gender, age, education, marital status
and asset ownership. These variables are fundamentally linked to borrower’s ability to
repay the loan. The results showed that great number of respondents were female which
suggested that women participated more in MFIs more than men. Results also shows
that majority of the borrowers are youth and adults indicating youth are engaged more
in acquisition of loans from MFIs so as create self employment through business. Also
data show that most of respondents have attained a secondary and primary education
that makes 40.8% of the total respondents. In addition, 42.2% of the respondents were
married whereas the remaining percentage was formed by other marital status. Finally,
findings showed that 71.9% of respondents owned assets which are not accepted by
MFIs as collateral while 28.1% of the respondents owned such type of assets. This
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implies that majority of the borrowers had no collaterals and ultimately the situation

forces them to Joint Liability Groups in MFls.

Starting with first objective, it assessed the level of loan defaults in the selected MFlIs.
This extent of loan default was ascertained using records of borrowers who were in
individual lending model. Generally, the rate of loan default has been decreasing from
year 2004 to 2007 due to proper screening of borrowers as well as credit rationing.
However, in 2008 to 2009 there was a sharp increase of default rate in the selected
microfinance institutions due to inadequate close monitoring and less supervision of

new borrowers and inadequate loan supervisors businesses due to few loan supervisors.

Further, the results in this section show that male clients default more than the female
clients. The reason for male to default more than women as reported that women are
more risk averse than male. Youth age ranging from 18 to 34 defaults more than other
age groups which means that, default rate decreases with an increase of clients’ age.
Thus financial institutions hesitate to lend to younger clients who are more risk averse.
Also findings shows uneducated clients default more than other educated clients at a
rate of 5.3%. Uneducated clients have low business and financial skills to measure risks
involved on their business and how to manage business. This leads to make business
loses which will affect the ability to repay loans. On marital status, divorced and
widows/widowers clients default more followed by single clients while married clients
default less compared to all other status. Finally statistics shows that clients with self

employment are reported to default more compared to other occupations.

In the second objective, results depicted that some variables examined had a significant
influence on the likelihood of loan defaults. Factors which were found to be significant
at (P<0.05) including age and interest rate charged by MFIs. Factors such as Business
type, business management education and use of the loan were found to be significant
at (P<0.01). The model predicts that as the age of the borrower increases it reduces the

likelihood of a borrower to default. Secondly, borrowers who have management skills
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acquired through trainings and seminars manage their businesses cautiously and are less
likely to default their loans. Third, businesses which are able to generate enough
revenue to meet the weekly repayment schedules reduce the likelihood of loan
defaulting. This means lower revenue cycle in businesses creates loan repayment
problems to borrowers. Fourth, the use of loan for non business purposes is likely to
increase loan default compared to business uses. Borrowers, who use loan for business
purpose, reduce the likelihood of loan default compared to other uses of loan. Finally,
Interest charged by MFIs was also associated with influencing the likelihood of a loan
borrower to default. High interest rates impose high cost to the borrowers, making loan

repayment difficulty.

Finally, the last objective identified the effects of loan defaults face defaulting
borrowers and MFIs. Borrowers with default history are affected negatively in the
following ways namely, denial of subsequent loan opportunities, bad image to the
society and loss of properties pledged as collateral and bad relationship with MFIs
officers. Also, the study revealed adverse effects to the respective MFIs. These were
named to be the loss of the expected interest income that could be obtained from the
interest charged on each defaulted loan, it reduction of MFIs operating profit through
provision of bad debt as a result of loan default and limited capacity to expand the

access to financial services for potential and current loan applications.
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5.2 Conclusion

The intension of this study was to determine the factors influencing loan default in
many MFIs in Tanzania. The study revealed that MFIs are tools for achieving equity
economic growth and poverty reduction in Tanzania. Despite the MFIs importance to
the community, the study also revealed some challenges facing them and highlighted
the policy strategies to be implemented to resolve these challenges particularly the loan

default problem.

Literature review in loan default in MFIs and specifically in the Tanzanian context was
inconclusive in some vital issues areas like the level of default rate of MFIs in
Tanzania; detailed analysis on determinants factors for loan default in individual MFIs

and the effects of loan defaults to the borrowers and MFIs.

Furthermore, the study concludes that age of borrower, interest rate charged by MFIs,
business type, loan purpose and business management education are main factors that
determine the likelihood of a borrowers to default. However other factors such as
family social problems such as diseases, weak legal action to defaulters, and past

experience in business are vital in repayment of loan installments.

The effects associated with loan defaulting are inevitable to the borrowers and to some
extent, also to the MFIs. The study findings identified the effects which a defaulting
borrower directly faces which include denial of next loan opportunities and loss of the
collateral properties. However, MFIs only face the effects of loan defaulting from the
individual borrowers and are also affected by losing interest incomes and reduction of

operating profit through the provision of bad debts as a result of loan defaulting.
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From the study it is concluded that, there still exists a significant level of loan default rate
among the Tanzanian MFIs. This level of loan defaults is enhanced by the higher interest
rates charged by MFIs, the nature of the businesses of the borrowers and their loan
repayment installments, The use of loan for non business purposes and lack of business
management knowledge and skills. Due to these factors defaulted borrowers are denied the
next loan opportunities and also lose their valuable collateral properties; while the MFIs
are also affected in their operations due to the loss of interest incomes, high provision

for bad debt and reduction of lending capacity.
5.3 Policy implications

The study also came up with recommendations that will address the adverse effects of

loan defaulting to both the borrowers and the MFIs.

The MFIs should review their policies so as to establish stringent lending and debts
collection regulations by considering the factors that affect the ability of borrowers to
repay loan installments. Issues concerning the business supervision and loan repayment
schedules should be taken into account. MFIs should also build capacity of the
borrowers in managing their businesses prudently so as to get adequate revenues for

proper and prompt loan repayments.

MFIs in Tanzania should involve to a great extent competent loan officers and
customers in formulating professional lending and other loan processing terms, because

they are the people in the field with good understanding of better terms which should

apply.

MFIs should consider credit insurance, that will ensure loans issued to borrowers are
free from the risk of loan defaulting. This is because insurance has a great impact on
loan repayment security. The use of credit insurance minimizes the effects of loss of

collateral properties of defaulting borrowers and loss of income to MFIs.
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MFIs should consider and review their interest rates they charge on loans. This is
because high interest rates have a negative effect on loan repayment to a great extent.
The Tanzanian government should also consider offering subsidies to MFIs. Subsidy
policies to these MFIs could be appropriate in promoting a fair competition with other

commercial banks.
5.4 Limitation of the study

There are limitations encountered during the course of this study. Firstly, Time factor
was a constraint because the time available to accomplish this study was limited; hence

the coverage of the study could not be increased further.

Secondly, the availability of secondary data was difficult for some vital information
that could support the findings of this study. This is due to the poor record keeping and
confidentiality policies of the MFIs. However, there were long procedures to obtain the

required data from the MFIs relating to the borrowers and MFIs information.
5.5 Areas for Further Research

This study can be broadened to all Tanzanian MFIs given the availability of resources.
The researcher proposes an investigation of the borrowers’ perceptions on MFIs’ policy
and procedures that influence the borrowers to default. This will help MFIs to
restructure their policies and procedures to improve loan repayment and reduce loan

defaults.

60



REFERENCES

Agarwal, S., Chomsisengphet, S. and Liu, C. (2009). “Consumer Bankruptcy and
Default: The Role of Individual Social Capital” Working Paper.

Ahimbisibwe, G. (2002). The Effect of Credit Policy on the financial performance of
deposit taking Microfinance Institutions in Kenya. Masters thesis of Finance,
School Of Business, University Of Nairobi

Ameyaw-Amankwah, 1. (2011). “Causes and effects of loan defaults on the
profitability of Okomfo Anokye Rural Bank.” Thesis unpublished KNUST.

Armendariz, B. and Morduch, J., (2007). “The Economics of Microfinance”: MIT
Press Cambridge MA

Autio, M., Wilska, T-A., Kaartinen, R. and Léhteenmaa, J. (2009). “The Use of Small
Instant Loans Among Young Adults — a Gateway to a Consumer Insolvency”.
International Journal of Consumer Studies, Vol. 33, Issue 4, 407-415.

Awan, A. (2015). Causes of Loan Defaults in Pakistani Banks: A case study of District
D.G. Khan. Ssn 1013-5316; Coden: Sinte 8. Sci.Int.(Lahore),27(3),2593-2597,
2015

Baker, C. and Dia, B. (2004). Default Management in Agricultural Lending
Programme in Ivory Coast, Savings and Dev. XI, 2

Bayang, S. (2009). Why Microfinance Fails to Meet Enterprise Goals. Retrieved
fromhttp://www.allgambian.net/enterprise detail.com on 5/5/2015

Berhanu. A. (2005). ‘Determinants of formal source of credit loan repayment
performance of smallholder farmers: the case of north western Ethiopia, North
Gondar’, M.Sc. Thesis, Alemaya Univeristy, Ethiopia.

Bichanga, W. (2013). Causes of Loan Default within Micro Finance Institutions in
Kenya. Jomo Kenyatta University of Agriculture and Technology, Nairobi,

Kenya

61



Dahir, A. (2015). The Challenges Facing Microfinance Institutions in Poverty
Eradication: A Case Study in Mogadishu. International Journal of Humanities
Social Sciences and Education (IJHSSE) Volume 2, Issue 2, February 2015, PP
56-62ISSN 2349-0373 (Print) & ISSN 2349-0381
(Online)www.arcjournals.org

Duy, V. (2012), Is The Repayment Performance of Farmers Better Than That of Non-
Farmers? A Case Study of Borrowers of Formal Bank Credit in the Mekong
Delta, Vietnam. CAS Discussion Paper No 88.

Fant E. (2010) Fighting Poverty with Micro-credit: Experiences from Micro-Finance
and Small-Loan Center (MASLOC) in Savelugu/Nanton District of Northern
Ghana A Masters Thesis submitted to the Department of International
Environment and Development Studies (Noragric) Norwegian University of
Life Sciences (UMB)

Feder, G., Just, R. and Zilberman, D. (1985). Adoption of agricultural innovations in
developing countries: a survey. Econ. Dev. Cult. Change, 33: 255-297.

Guijarati, D. and Porter, C. 2005. Basic econometrics. 5th edition. Boston: McGraw-
Hill.

Hulme, D. and Mosley. P. 1997. Finance for the Poor or Poorest? Financial
Innovation, Poverty, and Vulnerability”. in G.D Wood and Isharif (Eds). 1997.
Who Needs Credit? Poverty and Finance in Bangladesh. Dhaka: Dhaka
University Press Limited.

Kakuru J. (2003), The Management of loan portfolios and the performance of
indigenous commercial banks in Uganda: A case study of Uganda Commercial
Bank and Centenary Rural Development Bank, MBA. Thesis, Makerere
University, Kampala

Kinyondo A.A. (2009), “Determinants of Loan Repayment Performance in
Microcredit Institutions: Evidence from Tanzania” Asian-African Journal of

Economics and Econometrics, Vol. 9 No.3 pp337-345

62


http://www.arcjournals.org/

Korankye, A. (2014). Causes and Control of Loan Default/Delinquency in
Microfinance Institutions in Ghana. American International Journal of
Contemporary Research 4, 12.

Kothari, C.R. (1990) Research Methodology; Methods and Techniques, India

Ledgerwood, J. (1999). Microfinance Handbook: An Institutional and Financial
Perspective. The World Bank, Washington.

Makorere, F. (2014). Factors affecting loan repayment behaviour in Tanzania:
Empirical evidence from Dar es Salaam and Morogoro regions. International
Journal of Development and Sustainability 3 (3): 481-492.

Marjo, H. (2010). The determinants of default in Consumer Credit Market in Finland:
Master’s Thesis. School of Economics, Aalto University, Finland

Mokhtar, S. H., Nartea, G., and Gan, C. (2012). Determinants of microcredit loans
repayment problem among microfinance borrowers in Malaysia.

Mrindoko, S (2015). Loan defaulters Threaten Micro Lending Entities in Tanzania.
Unpublished Masters Dissertation, Chuo Cha Mipango.

Mulema, S. (2011). Credit Policy And Loan Portfolio Performance In Microfinance
Institutions. Case Study Of Uganda Finance Trust Central Branch,Kampala.

Murray, J. (2011). Default on a loan. United States Business Law and Taxes Guide.

Nyamsogoro, D. (2010). Financial Sustainability of Rural Microfinance in Tanzania.
Unpublished PhD Thesis, University of Greenwhich.

Oikocredit International (2005): ‘Social Performance Report’ Retrieved 5/5/2015 from
World Wide Web: http//www.oikocredit.coop.news.2005.html

Okpugie, G. (2009). High Microfinance Interest Rates Cause Loan Defaults in Nigeria,
the Guardian, Nigeria.

Oladeebo, J. and Oladeebo, E. (2008). Determinants of Loan Repayment among
Smallholder Farmers in Ogbomoso Agricultural Zone of Oyo State, Nigeria.
Kamla-Raj 2008 Journal of Socio Science, 17(1): 59-62

Olsen, C. and George, D.M.M.S. (2004). Cross-sectional study design and data analysis.
The Young Epidemiology Scholars Program.

63



Onchangwa, G. A., Odhiambo, A. A. Sagwe, O. and Osinde,S. (2013). Influence of
Consumption on Savings and Credit Cooperative Society (SACCO) Members’
Investment Culture in Kenya. Interdisciplinary Journal of Contemporary
Research June 2013 Vol 5, No 2, 97-105

Onyeagocha, S., Chidebelu, S., Okorji, E., Ukoha, H and Korie, O., (2012).
Determinant of Loan Repayment of Microfinance Institutions in Southern State
of Nigeria: International Journal of Social Science and Humanities

Otero, M and Rhyne, E.1994. The New World of Micro Finance, Building Healthy
Financial Institutions of the Poor. 14 Oakwood Avenue, West Hartford, (USA):

Kumarian Press, Inc

Pandey, M. (2000), Financial Management; 8" Edition, New Delhi publishers Report;
Oxford University press.

Phelan, C. and Wren, J. (2006). “Exploring Reliability in Academic Assessment”,
Retrieved on 18/5/2015  from the  World Wide  Web:
http://www.uni.edu/chfasoa/reliabilityandvalidity.htm

PRIDE Tanzania, (2005). Quality service with better terms always. http://www.pride-
tz.org/pwinner.asp?pcat = aboutus&cat=microfinance&sid=42accessed 11"
March 2015.

Quayel F.M and Hartarska V.(2016) Investment Impact of Microfinance Credit in
Ghana College of Business, International Journal of Economics and Finance;
Vol. 8, No. 3; 2016 ISSN 1916-971X E-ISSN 1916-9728 Published by Canadian
Center of Science and Education

Randhawa, B. and Gallardo, J. (2003). Microfinance in regulation in Tanzania;
Implication for development and performance of the industry. Africa working
paper series no.51.http://www.worldbank.org/afr/wps/wp51.pd

Sinha, S. (1998): 'Micro-Credit: Impact, Targeting and Sustainability’, IDS bulletin, vol.
29, No. 4.

Ssewagadde, E. (2000), The management of loan portfolios and the performance of

indigenous commercial Banks in Uganda: A case study of Uganda Commercial

64


http://www.pride-/

Bank and Centenary RURAL Development Bank, MBA. Thesis, Makerere
University, Kampala.

TAMFI, (2014). Developing microfinance for sanitation in  Tanzania
tremolet.com/.../default/.../Final%20sanitation%20microfinance_report_2014

URT (2000). National Micro-Finance Policy Ministry of Finance; Government Printer,
Dar es Salaam, Tanzania.

Vandel, K. (1993). A perspective on Mortgage Default Research. Journal of the
American Real Estate and Urban Economics 23 pg. (4)

Vasanthi, P. and Raja, P. (2006). Risk Management Model: an Empirical
Assessment of the Risk of Default. International Research Journal of Finance
and Economics, Vol. 1, Issue 1.

Weizhuo, W. (2010). The Probability of Chinese mortgage loan default and Credit
Scoring. Master’s thesis at Lincoln University.

World Bank (2001). Risk management in South Asia: a poverty focused approach,
Report No. 23509-SAS, Washington, DC

World Bank (2011). Loan Portfolio Analysis Unit: Third Progress Report.
Washington: World Bank Programming and Budgeting Department.

Yarumba M. (2010), Contribution of Solid Waste Management Enterprises on

women’s income at household level. Morogoro, Tanzania

65


http://tremolet.com/sites/default/files/downloadables/publications/Final%20sanitation%20microfinance_report_FINAL%20JUNE%202015_0.pdf

APPENDICES

APPENDIX I: QUESTIONNAIRE

TITLE: DETERMINANTS OF LOAN DEFAULTS IN MICROFINANCE
INSTITUTIONS IN TANZANIA

Please circle the correct answer

PART I: PERSONAL INFORMATION

1.

2.

Gender 01. Male 02. Female

Level of Education

01. Primary School completed 02.Ordinary Secondary completed
03. Advanced Secondary school completed 04. Degree and above
05. Tertiary education 06. Not educated
Marital status
01.Single  02. Married 03. Divorced 04. Widowed
Source of Income in Household? (Tick)

No Source of Income Tick
1 Business

2 Wages of day works

3 Salary from Employment

4 Agriculture

5 Others

Do you have savings?

01. Yes 02.No
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7. How savings is used in Household?

No

Expenditures of Savings

Tick

1

Business Growth

Personal Consumption

Household Consumptions

Emergencies

Repayments of Loan installments

Payments of school fees

N[O B WIN

House construction

8.

Purchases of valuable items (assets)

8. Types of Assets owned by respondents

o

Type of Assets

Ticks

House(s)

Car (s)

Plot(s)

Furniture(s)

TV/ Radio

Motorcycle(s)

Bicycle(s)

Immovable Business

oo Nlo|u|swiNk| =

Other assets

PART I1: INSTITUTIONAL RELATED QUESTIONS

1. How long have you being doing your financial services with FINCA/PRIDE?

involved with?
01. Microfinance Bank 03. SACCOS

02. NGOs - MFIs

repayment of loans?

01. Yes

02. No

67

05. Not involved

04. ROSCA and other Informal institution

Apart from FINCA/ PRIDE, what are other microfinance institutions you have been

Is the repayment scheme set by FINCA/PRIDE microfinance suitable for timely




4. If NO, Why?

No Reasons for delay/default in | Agree Disagree ||
repayment of Loan installments don’t
know
1 Starting time to repay is too early
2 Loan repayment period is short
3 Amount of repayment in each
month
4 Other reasons
5. What do you suggest to make the repayment scheme suitable?
No | Suggest to make the repayment | Agree | Disagree ||
scheme suitable don’t
know
1 Give enough time before starting
to repay
2 Make the repayment period
longer
3 Reduce  amount of loan
installment
4 Ability to pay more than one
installments at once (kukupua)
5 Others
6. How far is your business location to FINCA/PRIDE microfinance institutions
............ km?

7. Do you incur any transport costs to arrive at FINCA/PRIDE office?
Yes 02.No Ifyeshowmuch.....................
8. What IS the interest rate charged in FINCA/PRIDE
9. How is the Interest rate charged on loan set by FINCA/PRIDE microfinance
compared to others?
01. High 03. Low
02. Medium 04. Normal Market rates
10.  Are the loans offered by FINCA/ PRIDE biased in any form?
01. Yes 02. No
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11. Do you think this biasness contributes to increase in number of loan defaulters?
01. Yes 02. No

PART I11: BUSINESS RELATED QUESTIONS

1. What type of business do you own?

No | Type of Business Tick
Restaurant

Food vending

Retail shop

Saloon

Grocery

Fruits and Vegetables

Matching Guys

Transport by Motorcycle (bodaboda)

Genge la mahitaji ya nyumbani ( nyanya, vitungu,
mkaa )

10 Clothes (Tailor, special etc)

11 Animal products ( eggs, milk nk)

12 Others

2. Did you inject any FINCA / PRIDE loan amount into this/these businesses?

01. Yes 02. No
. If YES, WHY?

=

OO N0 WIN

w

No | Reasons for injecting Loan Amount in business Tick

Capital growth

Repayment of business debts

Establishment of other new business

To meet the business running cost

OTHERS

Wl E NI

id have any past experience concerning this type of business?
01.Yes 02.No
5. How long is your business in operation? .............c..coceeevuinnenn...
6. Have you attended any business education?
01.Yes 02.No
7. If YES what type of business education did you acquire?
01. Certificate level 03. Degree level 05. Training and seminars

02. Diploma level 04. Masters Level 06. Tertiary Level
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8. Did your business generate profit?

01. Yes 02. No
9. Average profit generated per week?..................oooell.
PART IV: LOAN & REPAYMENT RELATED QUESTIONS
1. Why did you Borrow from FINCA/PRIDE?

No Purpose of Loan Tick
1 Business

Meet Emergencies

Personal Consumption

Repayment of Loan Installments
Repay Loans from Family and Friends
Purchase of Assets

House constructions

Payments of school fees

9 Others

How many times have you borrow from FINCA/PRIDE microfinance institution?

O INO|OT B WIN

How much money did you borrow from FINCA/PRIDE MFIs?

............................ TSH
Did you take the preferred amount of loan from FINCA/PRIDE as you requested?
01. Yes 02. No
Was the amount of loan provided by FINCA/PRIDE enough to meet your plans in
business?
01. Yes 02. No

Did you spend the entire loan in reason you specified above?
01. Yes 02.No
If No, Whatamount...................ceee..
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8. If, NO, What amount did spend on other expenditures?

No Loan Expenditures Tick Tsh
1 Personal Expenditures

Luxury

Social contributions

Repayment of family Debt

Meet Emergencies

Payments of School fees

House constructions

Purchases of Assets

9 Others

9. What are the income sources for Loan repayments?

OINOOIBWIN

No Sources of Incomes for Loan Repayments Tick
1 Sales

Profits

Profits from other business

Loan from other MFIs

Loan from family and Friends
Others

10. How do you benefit from full repayment your loan?

OB IWIN

01. Strongly Disagree 02. Disagree 03. Neutral 04. Disagree 05. Strongly

Disagree

0 Benefit from full repayment your loan in Time
Access to the next higher loan

Build good relationship with the loan provider
Build good relationship with loan provider

To make the family stable

OTHERS

11. Have you ever failed (defaulted) to repay the loan in other Microfinance?

gl |w(N k=

01.Yes 02.No
12. Are you aware of defaulting members?
01. Yes 02. No

12. What are the characteristics of a person who you are aware of his/her loan default?
01. Male 02. Female 03 Others ...........ccevvvvenvnnnnns
01. Youngsters 02. Adults
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01. Business borrower 02. Consumption borrower

13. Why did you fail to repay loan instaliments?

01. Strongly Disagree 02. Disagree 03. I don’t Know 04. Agree 05. Strongly Agree

No Reasons for failing to repay loan installments
1 Poor loan supervisions

2 Weak legal enforcements to defaulters

3 High interest rates

4 Grace period

5 Short repayments period ( per week)

6 Death of borrowers

7 Offer of relend loan

8 Family Problems ( Diseases, funerals)

9 Multiple borrowing

10 Acquire more than

11 Misuse of Loan

12 Application of loan without clear objectives
12 Lack of savings

13 Few/ lack of Income sources

14 Borrowers’ characters

15 Age

16 Gender

17 Lack of awareness of Loan to the (spouse) family
18 Establishment of new business

19 Collapse of business

20 Lack of Business education

21 Economic changes

22 Business types

14. Measures taken to loan defaulters?

0L,

0.
03,
04,
00,
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15.  Effects to loan defaulters?
01. Strongly Disagree 02. Disagree 03. I don’t Know 04. Agree
05. Strongly Agree

Effects to loan defaulters

Access to the next higher loan

Bad relationship with loan officers
Bad relationship with MFIs

Lack of trustfulness to the group members
Selling of assets set as collaterals
Shame and disgrace in community
Fear to apply for new loan

Shifting in hiding from community
Others

GROUP LENDING RELATED QUESTIONS

o

OO|INO| OB WN|F(Z

1. Why did you engaged in group lending?

0 Reasons for applying loan in Group Tick
Easy to get loan in a group

It is MUST according institution’s regulations
Easy to repay when you are in group

Others

olu|blw|Nk|=

2. How was the group formed??
01. Based on the group member interest
02. Based on the loan provider (FINCA/PRIDE microfinance) interest
03. OtheTS .ot e
3. How many of the group member that you knew before? ...................
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3.

PART VI: GENERAL QUESTIONS
Please fill in space
1. Do you face any difficulties during the repayment process, please mention the

major challenges

What do you think should be done by PRIDE/FINCA to improve the loan repayment

process?

APPENDIX I1: INTERVIEW QUESTIONS FOR KEY INFRORMANTS

1. Number of borrowers in Past 10 years

Year Individual Borrowers Group Borrowers
Total Male Female Total Male Female

2004
2005
2006
2007
2008
2009
2010
2011
2012
2013

2014
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2. Loan repayment history in Past 10 Years

Year Individual Borrowers Group Borrowers
Defaulters Defaulters

2004
2005
2006
2007
2008
2009
2010
2011
2012
2013
2014

3. Effects of Loan default on Interest Income

MFI YEAR 2010 2011 2012 2013 2014
Interest Income
pRIDE | Bad debts
% provision for
bad debt

Interest Income
FINCA Bad debts

% provision for
bad debt

4.Effects of loan default on Operating Profit

MFI YEAR 2010 2011 2012 2013 2014
Operating Profit
PRIDE | Bad debts
% provision for
bad debt

Operating Profit
FINCA Bad debts

% provision for
bad debt

5. Apart from loans what other services do you offer?

6. Apart from Loan installments are there other contribution made by client to MFI?
7. What is the repayment schedule

a. Interestrate.........coovviiieiiiiiiiiin...



b. Time of repayments ..............cccooeiiiiiiiiniinn...
c. Maximum and minimum period of loan
TECOVETY .. uutttteee et e e e aaaeeens

d. How do you determine loan recovery period?
8. Do you assess the business of the borrowers?
9. What are the purposes of your loans to the borrowers?
10. Do you offer any seminars or trainings to the borrowers to ensure good

management of their business but as well as loan repayments?
11. How do you assess credit worthiness of the client especially individual client?
12. What are the start loan amount and the maximum amount of loan you offer?
13. What are the criteria for client to be in group lending or individual lending model?
14. How do the loan groups formed?
15.  What makes the client to be able to obtain higher loan next time?
16.  Which number of unpaid loan installments do you regard as
a. Delay
b. Default

17. What are the major reasons stated by the defaulters?
18. What are the major reasons stated by delayers?
19. What are the steps taken to the borrowers who delay their installments?
20. What are steps taken to the borrowers who defaults their installments?
21. What are effects caused by loan defaults to the MFI?
22. What measures to you take to ensure loan defaults rate decreases?
23.  What are your suggestions to the borrowers to ensure their timely repayments of

their loan installments
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